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Abstract 

 
We present the first study to examine the effect of multiple credit ratings on IPO performance. 

The evidence comes from the U.S. and shows that acquisition of credit ratings constitutes a valid 

investment decision for the issuing firm as it leaves less money on the table. Both individual as well as 

any combination of ratings from the three largest agencies associates with lower underpricing. This 

effect exacerbates with higher grade levels which are also found to decrease initial returns. 

Additionally, rated IPOs systematically experience negative filing price revisions. Results offer new 

insight to the facilitation of the going public process. 
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On October 2010 with less than thirty days remaining to its scheduled initial public offering (IPO), 

General Motors Co. (GM) was escalating efforts to settle a filling price range for the upcoming issue. 

Noticeably, during this busy time period the company announced multiple rating acquisitions from the 

world’s three most prestigious credit rating agencies (CRAs). In particular, Moody’s assigned GM a 

rating of Ba2 while both Standard & Poor’s and Fitch awarded the firm BB- ratings. One month later, 

at new issue day, the global financial press was focusing on one of the biggest IPOs in American 

history. The company managed to raise an astonishing $20.1 billion and also incurred a modest 

underpricing of 3% in a year where the average amount of ‘money left on the table’ was 8.7%. 

Interestingly, this remarkable achievement comes from a corporation that was bailed out by the U.S. 

federal government after filing for Chapter 11 bankruptcy protection in 2009. Naturally, one could 

question whether the possession of ratings from various CRAs is at least partly related to an IPO’s 

superior short run performance. This consideration entails valuable implications for the international 

investor community in the years following the credit crunch of 2007 where a series of corporate 

failures initiated severe criticism on the role and validity of CRAs’ evaluations. 

While the catalogue of rated prospective issuers goes on, the accounting and corporate finance 

literature has to draw the line to first trading day performance. Taking into account a plethora of 

studies supporting the dissemination of information or uncertainty reduction to the advantage of the 

least informed parties in an IPO deal (e.g. Rock, (1986); Beatty and Ritter, (1986); Benveniste and 

Spindt, (1989); Welch, (1992); Habib and Ljungqvist, (2001); Lowry and Shu, (2002), Loughran and 

Ritter, (2002) and Liu and Malatesta, (2006)) it is startling that the acquisitions of ratings from various 

CRAs, as a means of the company to communicate advanced quality status, remains a mainly 

unexplored area. The present paper investigates the impact of securing multiple credit ratings on a 

firm’s IPO endeavor by asking questions in the interest of outside market players. Does the costly 

decision to acquire ratings influence the level of initial returns in the first place? Do credit ratings from 

a certain CRA affect IPO pricing more than those from others? Are acquisitions of multiple credit 

ratings valuable? Are there important differences among various combinations of multiple ratings on 

the reduction of underpricing? Is it worth it to maintain evaluations from all the three leading U.S. 

CRAs from an IPO perspective? Is the combined level of rating from multiple CRAs associated with 

less money left on the table? Finally, does a compound rating environment facilitate the book-building 

process via lowering the range of filing price revisions? 

In an important deviation from prior studies that scrutinize potential gains accruing to rated 

corporations seeking to smooth the progress of capital raising in debt markets (e.g. Ederington and 

Yawitz, (1987); Benabou and Laroque, (1992); Ederington and Goh, (1998); Boot et al, (2006); Skreta 

and Velkamp, (2009); Guntay and Hackbarth, (2010) and Bolton, Freixas and Shapiro, (2012)), we 

explore the effectiveness of new issuers to lessen the inherently uncertain environment of the going 

public process by attaining evaluations from world’s leading CRAs. We content that the existence of 



independent assessments from trained experts of rating agencies within a reasonably short time period 

ahead of the floatation day, provide an effective way to communicate valuable information to outside 

market participants. As it is easily traceable and also publicly available, a record of credit rating 

acquisitions can effectively enhance an entity’s increased risk bearing capacity. Consequently, future 

investors of a new listing are more confident that the company will face fewer market frictions and 

thus require lower premia in order to procure its equity. On this basis, the IPO firm can initiate 

operations as a public entity by leaving only a modest amount of money on the table. 

Motivated by the insufficient and occasionally conflicting empirical evidence on this issue, we 

address the above questions and shed light to the role of multiple credit ratings as contributors to the 

success of new listed entities.  In our analysis, we employ a comprehensive and large sample of U.S. 

initial offerings covering a period that spans from the 1st of January 1997 to the 31th of December 

2014. Based on information retrieved from the Bloomberg database we manually inspect each 

individual corporation for evidence of acquisition of credit ratings up until its first trading day. This 

way we amass our special interest sample of firms that sought evaluations form various CRAs. 

Contrasting the average underpricing of 18% of rated issuers with the rest of IPO’s mean initial returns 

of 27% we present strong preliminary findings for our conjectured impact of credit ratings on first 

trading day performance. Interestingly, appraising the fundamentals of rated IPOs we discover that 

these issues relate to better quality proxied by the extent of operational experience (measured in 

years), market share, and the amount of proceeds raised. Therefore, it becomes reasonable that rated 

companies engage in the costly investment of rating acquisition in an effort to handle in time market 

frictions and uncertainties that lay ahead. 

Our empirical analysis reveals that top-management’s decision to seek CRA evaluations turn 

out to be visible by potential IPO investors and contributes to a successful first trading day. Utilizing 

the total sample of new listings, we regress the level of initial returns on the corporation’s choice to 

obtain ratings from various agencies, along with a set of control variables that are commonly 

employed in relevant literature. Findings, verify the inverse relation between the existence of any 

credit rating (from the three largest U.S. agencies) and underpricing. The same is true for all possible 

dual combinations among CRAs. Specifically, after testing that Standard & Poor’s, Moody’s and Fitch 

individually reduce money left on the table, we create an array of categorical variables that equal to 

unity for corporations that secure ratings from any two of the aforementioned CRAs and zero 

otherwise. All coefficients are consistently negative and strongly significant. Additionally, it is fairly 

interesting that this conclusion holds even for triple rated entities. 

Methodologically, we place special emphasis on the above analysis to depict inferences not 

crippled by endogeneity. Given that firms’ high ranked executives choose to attain credit ratings after 

deciding that potential gains from such an investment could exceed the cost required by CRAs, we are 



induced to recognize that self-selection is present in our empirical approach. In an IPO context, the 

benefits associated to the possession of ratings link to uncertainty mitigation which burdens the 

uninformed outsiders. Econometrically, this rationale implies that company specific characteristics 

impelling the decision to seek CRAs’ evaluations also affect the level of initial returns. To effectively 

deal with feedback effects we instrument for the choice to obtain credit ratings with an array of rating 

determinants which are established in relevant literature and are specially modified to the IPO 

framework. Then we determine the selection as well as the outcome equations following a two-step 

process that constitutes both the Heckman and the generated instrumental variables (IV) method. The 

first methodology tackles self-selection bias arising from the corporation’s will to create a credit rating 

record. The IV approach enhances the robustness of the chosen rating determinants included in the 

first stage regression by instrumenting with fitted values. We present both models next to the output of 

the standard OLS estimations. Perpetually, all three procedures verify the soundness of our results. 

With our major supposition validated we turn our focus from credit rating existence per se to 

the levels of ratings. We draw information from the Bloomberg database and assign incremental 

numerical values to each awarded rating from all three agencies.  Thus, the rating scale ranges from 22 

to 0 for each CRA with 22 corresponding to the highest possible rating (AAA for Standard & Poor’s 

and Fitch and Aaa for Moody’s) and 0 to lowest default grade (D for Standard & Poor’s and Fitch and 

C for Moody’s). Regressing these ordered estimators on initial returns we reveal a strong (and 

positive) association between higher rating levels and distinguished short run IPO performance. The 

results hold for all individual agencies and also when they collectively tested against underpicing. We 

justify the robustness of this inference by relying on both OLS and the generated IV approach. Based 

on this evidence we deduct the conclusion that increased risk bearing capacity as reflected by the 

assigned rating level is a essential contributor of uncertainty contraction. 

Further, we scrutinize a short time period before the actual IPO day to present supplementary 

support for the role of CRAs as valuable disseminators of information, stemming from the book 

building process. Based on both the extent and direction of the revisions of the filing price we 

investigate how establishing a credit rating record facilitates price discovery. Clearly, it methodically 

guides the IPO offer price to be revised downwards. This association along with the considerably 

lower underpricing confirms the highballing of rated offerings; a situation that can only be substituted 

by feedback provided from informed investors. In this environment, the underwriter seems to abstain 

from the excess amount of cash generated in the going public process to the benefit of the issuer with 

no obvious incentive to do so. Stimulated from this repetitive pricing evidence we claim that 

acquisitions of credit ratings can be an important source of information both for the underwriters as 

well as the new listing investors.  



We place our empirical findings in a series of robustness exercises. First, we assess the impact 

of investment grade ratings on the level of initial returns by constructing a matched sample of IPOs. In 

particular, firms that obtain ratings equal to or above the BBB- level for Standard & Poor’s and Fitch 

and Baa3 for Moody’s are tested against the money left on the table by rated firms only. If our 

conjecture that more positive evaluations on the company’s credit quality associate to superior first 

trading day performance is true, then investment grades should also be strongly and negatively related 

to underpricing. Second, in order to extra examine the role of CRAs as disseminators of information to 

outsiders, we employ as alternative dependent variable the Tobin’s Q ratio that comprises an effective 

proxy of an enterprise’s competitive advantage (refer to Chung and Pruitt, 1995) via its ability to 

reflect the projected cash inflows after the implementation of a strategic decision (such as the 

acquisition of credit ratings). Thirdly, following Certo et al (2003), we explore the effect of CRA 

assessments on investor valuations for rated IPOs. Essentially, this estimator surrogates prices that 

market participants assign to our special sample of interest. At last, an additional set of auxiliary tests 

that appraise both time and size sensitivity of our results takes place. Invariably, all of the above 

instances qualitatively align with our main research hypotheses. 

This paper makes important contributions to corporate finance and IPO literature while it 

deals with concerns of wider public interest such as the weight of CRA evaluations to equity markets 

and the institutional framework of the going public process. First, we illustrate how firms’ credit rating 

record which generally associates to the risk bearing capacity of an organization, also translates to a 

direct and quantifiable gain on the new issue day. Acquisition of any combination of the three leading 

CRAs exert profound impact on alleviating IPO specific uncertainty since both potential investors and 

underwriters are found to value the firm’s decision to secure ratings. Particularly, the former award the 

rated companies with modest underpricing and the latter allocate a premium valuation. Further, we 

assess the incremental effects of assigned rating levels on initial returns and we establish evidence that 

higher grades certainly augment the strength of disseminated information to outsiders about the new 

offering’s quality. Additionally, by turning our attention not only to the actual IPO day but also to the 

short pre-listing period in which the price discovery process takes place we justify the facilitating role 

of CRAs in the book building mechanism. Lastly, in robustness check setting the investment character 

of credit rating attainment is evident both by its impact on Tobin’s Q ratio and on investor valuations. 

Thus, the inference for potential issuers is unequivocal; even though it is an expensive decision to get 

hold of ratings from prestigious agencies the company sets aside more money on the first day of trade. 

This study relates to the research of Beatty and Ritter (1986), Megginson and Weiss (1991), 

Loughran and Ritter (2002), Certo (2003), Boot et al. (2006) Liu and Malatesta (2006), An and Chan 

(2008), Sokobin and Spatt (2009), Guntay and Hackbarth (2010), Bolton, Freixas and Shapiro (2012). 

Central concern in the literature of IPOs is the endeavor of issuers to contest adverse selection 

apprehensions by disseminating information that reveal the firm’s superior quality. On this basis, 



corporations rely on an assortment of mechanisms well established in corporate finance. A 

comprehensive catalog of studies demonstrates issuers’ aim to extract prestige spillovers via: a) 

appointing renowned auditors (Beatty and Ritter, 1986), b) appealing to venture capitalists with a 

verified trace of successful initial offerings (Megginson and Weiss, 1991), c) entrusting top-ranked 

underwriters (Loughran and Ritter, 2002), and introducing high-status executives to the company’s top 

management (Certo, 2003). Interestingly, very few studies are found to supplement this notion by 

focusing on the role of credit rating as proxy of firm value. Liu and Malatesta (2006) were the first to 

support the facilitating role of CRAs in an SEO context while An and Chan (2008) exclusively focus 

on Standard & Poor’s ratings for a sample of US IPO deals. We expand this literature by producing 

the first study which investigates compound credit rating activity as strategy of communicating the 

quality of the upcoming offering. An additional stream of literature (Sokobin and Spatt, (2009); 

Guntay and Hackbarth, (2010); Bolton, Freixas and Shapiro, (2012)) focuses on the association of 

ratings with firm performance with evidence stemming only from listed companies. From an 

alternative perspective, our study asserts corporations’ necessity to set up a record of CRA evaluations 

prior to the IPO in order to cash benefits at the first trading day. 

The rest of this study obtains the following structure: Section I reviews relevant papers in IPO 

and credit rating literature. Section II builds up our research hypotheses. Section III identifies the 

sources of data collection and describes the sample. Section IV delineates the employed methodology. 

We present the empirical analysis in Section V. The robustness of our findings is tested in Section VI 

and lastly section VII offers the conclusion of the paper. 

 

I. Related Literature 

A. Theoretical Framework 

Price determination of new equity issues takes place in an uncertain environment. Relevant 

research on this topic consistently relies on listing day performance to measure uncertainty. Since Stoll 

and Curley (1970), Logue (1973) and Ibbotson (1975) established initial evidence on persistent 

abnormal returns for investors, numerous studies attempted to set light to the puzzle of initial returns 

or IPO underpricing. Recognition of asymmetric information between the various equity market 

players comprises the central point for the majority of available explanations. On this ground, Rock 

(1986), as well as Beatty and Ritter (1986), propose that outsiders consider themselves insufficiently 

informed about the firm prospects and demand price discounts. Simultaneously, the book building 

process requires unbiased opinions of engaged investors which are also costly.  To cover up for this, 

underwriters need to lower the offer price (Benveniste and Spindt, (1989); Benveniste and Wilhelm, 

(1990); Spatt and Srivastava, (1991)). 



An alternative explanation which also arises from the concept of asymmetric information 

attributes value to underpricing and claims that issuers intentionally consent to it. Specifically, Welch 

(1992), Habib and Ljungqvist (2001) and Demers Lewellen (2003) argue that a low offer price 

essentially serves as marketing strategy aiming to make the new offering attractive to investors. This 

way the firm will recover the money left on the table at the first trading day. Chemmanur (1993) adds 

to literature that management allows for high initial returns in order to buy analyst coverage while 

other studies (Hughes and Thakor (1992), Drake and Vetsuypens (1993), Lowry and Shu (2002)) 

highlight the importance of a strong first day close on lawsuit avoidance. 

Finally, shifting perspective from asymmetric information to prospect theory we get an 

additional interesting insight. Loughran and Ritter (2002) content that issuers being in a euphoric state 

from the new wealth created by the IPO sale can willingly overlook the cost of underpricing. 

However, as Jay Ritter mentions in his website, the total amount of money left on the table worldwide 

is $763.53 billion over the last thirty three years. Thus, any behavioral approach seeking to diminish 

the importance of effective IPO pricing should be evaluated with skepticism. 

B. Credit Rating Agencies as information transmitting mechanisms 

The role of credit ratings as uncertainty reducing mechanisms to market players is well 

documented in the finance literature. The seminal work of Ederington and Yawitz (1987), reports that 

firm managers supply CRAs with proprietary information which is strictly concealed to outsiders. 

Thus, the later essentially serve as information intermediaries whose purpose is to alert investors on 

the company’s prospects without revealing confidential documents and data. Benabou and Laroque 

(1992), explain that this process is directly analogous to the situation analysts have to deal with when 

they are asked to suggest stocks to the general public. 

Securing a favorable evaluation is of vital importance for the firm’s prestige considering that 

ratings not only provide independent assessment of an organization’s creditworthiness but also 

implicitly assume supervisory role for top management.  As Pagano and Volpin (2010), point out, 

CRAs employ watch-list mechanisms in order to influence directors to undertake risk alleviating 

courses of action with the threat of grade reduction. Inability to comply with these requirements and a 

subsequent downgrade can exert negative impact on investor confidence. On this basis, Hand et al 

(1992), examine the monitoring methods of Standard and Poor’s and Moody’s and confirm that 

adverse announcements on rating levels lead to a strong and immediate stock price decline. Ederington 

and Goh (1998), go one step further to clarify that this equity loss is attributable only to the worsening 

of the company’s credit bearing ability and not to any other cause such as lower current earnings. Boot 

et al (2006), also enrich the extant literature with the notion that since a sufficient amount of investors 

base their investment decisions on CRAs, other less informed market participants will follow reaching 

an optimal equilibrium in an environment where information asymmetries dominate. 



Even though the aforementioned studies augment the role of CRAs as effectual proxies of firm 

quality, spectacular corporate failures of companies with very high ratings and the recent subprime 

mortgage crisis, induce skepticism on objectivity and the validity of CRAs’ evaluations. In fact, the 

three leading US rating agencies were severely criticized for misleading investors.  The US House 

Representative, Jacqueline Speier, reveals the magnitude of pressure put on CRAs as she questions 

Moody’s top management in a 2009 congressional hearing: 

‘’You rated AIG and Lehman Brothers as AAA, AA moments before their collapse. Did you take any 

actions against those who put that kind of a remarkable grade on products that were junk?’’ 

On this ground, Bolton, Freixas and Shapiro (2012), report that disbelief towards the credit 

rating system rest on the idea that the major source of revenue for CRAs comes from firms that are 

under evaluation. Additionally, they mention that in the oligopolistic market of rating agencies, 

companies with just a single rating are more appealing to investors compare to organizations with two 

or more ratings. The explanation for this lies on the so called ‘’rating shopping’’ hypothesis in which 

the issuer asks multiple agencies for evaluation but eventually seeks to deceive naïve investors by 

purchasing only the most favorable one (Poon and Firth (2005), Skreta and Velkamp (2009), Sangiori, 

Sokobin and Spatt (2009)). Bogaerts et al (2012), strengthen this argument suggesting that demand for 

additional ratings is more useful for regulatory processes than for information production purposes.  

On the other hand, Guntay and Hackbarth (2010), confute detractors of CRAs by claiming that 

multiple ratings are inversely related to asymmetric information in the minds of risk averse investors. 

Similarly, Morgan and Stocken (2003), establish a model that quantifies the reputational cost incurred 

by lying certifiers and conclude that this is too high for rating agencies and thus should be avoided 

under any circumstances. Lastly, we should mention that the ramifications of CRAs’ evaluations are 

vital not only for the debt but also for the equity markets. Liu and Malatesta (2006), argue that rated 

seasoned equity offerings endure significantly lower underpricing than the unrated once. While, An 

and Chan (2008), maintain that the same is true for the IPO firms with Standard & Poor’s ratings.  

Overall, literature on the role of CRAs as information transmitting mechanisms is 

inconclusive and raises doubts on their presumed ability to mitigate uncertainty. Especially, in equity 

markets no previous study has attempted to assess how the acquisition of multiple ratings affects the 

going public process. 

II. Hypothesis Development 

Since the influential research of Spence (1973) that was the first to present evidence on the importance 

of disseminating appropriate information to eliminate labor market inefficiencies, finance and 

accounting literature relies heavily on uncertainty contraction mechanisms.  In this regard, Ross 

(1977) suggests that corporations of superior quality can distinguish themselves by expanding their 



total amount of leverage which is not an option for competitors with high default probability. Along 

this line of reasoning, Bhattacharya (1979) mentions that dividend issuance signifies to outsiders the 

prospect of increased expected cash flows. According to Certo (2003), both of these financial 

strategies qualify as effective investing decisions as they are easily identifiable by market participants 

and also costly to imitate by rival firms.  

The going public process is in its own right an environment dominated by information asymmetries 

where justification of certain courses of action supporting the enterprise’s quality can determine the 

success of the initial offering. To this end newly listed corporations entrust top-tier underwriters 

(Carter et al, (1998)), prestigious auditors (Gompers & Learner, (2004)) and reputable auditors 

(Chemmanur & Paeglis (2005)) in an effort to communicate their advanced financial standing. 

While research on how the various types of uncertainty reducing mechanisms affect IPO performance 

goes on, up till now, the firm’s decision to obtain one or multiple credit ratings before the new issue 

day; remains a relatively unexplored area. Addressing this concern, our paper contents that acquisition 

of multiple ratings from the world’s leading CRA’s (Standard & Poor’s, Moody’s and Fitch) in the 

pre-IPO period, should mitigate uncertainty by influencing market participants to follow the 

assessment of the agencies. According to Ritter and Welch (2002): ‘’ all theories of underpricing 

based on asymmetric information share the prediction that underpricing is positively related to the 

degree of asymmetric information’’ we argue that independent evaluation of the company’s prospects 

by world-known and reliable experts could also reduce the amount of money left on the table.    

Additionally, following the intuition of Chemmanur and Paeglis (2005) who propose that superior 

quality managers seek ways to communicate the company’s intrinsic value by ‘’lowering 

heterogeneity in investor valuations’’ we argue that securing one or more ratings enhances 

significantly outsiders’ trust on the firm 

H.1. Ceteris Paribus, firms that obtain one or multiple ratings experience lower initial returns 

compare to non-graded ones. 

If our initial supposition holds, the next step in our analysis is to investigate whether the impact on the 

magnitude of underpricing varies across rating levels of the three agencies. We content that CRAs not 

only inform market participants on the company’s risk profile but also provide monitoring services via 

the so called  ‘’watch procedures’’ which can also serve as effective uncertainty eliminators.  

According to Boot and Milbourn (2002), CRAs strike an implicit ‘’deal’’ with firm managers where 

the later agree to proceed to corrective actions, when it is necessary, in order to avoid reduction of 

credit level. Failure to achieve this target and a consequent downgrade can challenge the confidence of 

investors and undermine the corporation’s prospects. 



H.2. Ceteris Paribus, increments in the firm’s credit rating level, of any rating agency, are negatively 

related to the level of underpricing.    

Securing one or multiple ratings could also serve as a valuable apparatus for investment bankers. 

Specifically, as the book building process takes place, underwriters promote the new offering during 

the road show and attempt to extract proprietary information by informed investors (Benveniste and 

Spindt, 1989 and Hanley, 1993) in order to facilitate the price discovery mechanism. The magnitude of 

price revisions is analogous to the released information by this procedure. On this basis, we content 

that less information is required for firms which have already been evaluated by rating agencies for 

their risk profile and creditworthiness. Especially, the presence of multiple ratings reveals a wider 

consensus on the firm’s financial standing and mitigates informational asymmetries. 

H.3. Ceteris Paribus, the existence of one or more credit ratings lowers the degree of price revision. 

 

III. Data and Sample 

Sample selection criteria for US initial offerings 

To construct our sample we rely on information collected from the Securities Data Company 

(SDC) database which covers the full population of new listings that floated the US stock exchanges 

from the 1st of January, 1997 to the 31th of December, 2014. Following the extant relevant literature 

(e.g. Ritter and Welch (2002), Loughran and Ritter (2002), Ljungqvist and Wilhelm (2003), and 

Lowry and Schwert (2004)) we exclude those initial offerings bearing a share price less than $5, 

ADRs, reverse LBOs, limited partnerships and also foreign issuers of shares that are already trading in 

local markets. Additionally, although we permit financial companies to enter our sample, we are 

particularly careful not to incorporate REITs, closed end funds, special purpose investment vehicles 

and royalty trusts. On this basis, we do not take into account firms with standard industry classification 

codes between 6723 and 6999 plus enterprises that even though sidestep Thompson Reuter’s 

restrictions for closed end funds, they continue to function as such. Further, we rule out corporate spin 

offs as they are part of mature and considerably large businesses and so entail lower underpricing than 

the average IPO. The rest of the sample is enriched with information from Compustat and the Center 

of Research in Security Prices (CRSP) which provide us with IPO companies’ accounting variables 

and after market performance respectively. This way we reach a final sample of 2,541 exclusive US 

IPOs. 

B. Credit rating agency identification 

The choice to secure credit ratings comprises the major available avenue for corporations to 

acquire an independent evaluation of their risk bearing capacity by well-known agents. The decision to 



engage in such a strategic investment requires significant costs and is made by the firm’s top-ranked 

executives. In our study, we investigate whether this expensive acquisition of any particular rating or 

combination of ratings from various CRAs (by private firms) facilitates the going public process. To 

this end, we rely on information retrieved from the Bloomberg database for our selected sample and 

we identify a sum of 252 awarded ratings to corporations at least one year prior to the offering. 

Even though we could possibly limit our analysis on the relation of any credit rating 

possession with short run IPO performance, we do recognize that variations among CRAs’ 

assessments are evident in financial markets. As suggested by Purcell, Brown, Chang and Damrau 

(1993), rating agencies adopt distinctive evaluation methods that result in the assignment of different 

default probabilities to the companies under examination. Thus, one could argue that in the context of 

new listings different rating philosophies across CRAs may disseminate dissimilar information to 

outside investors. For this reason we also use Bloomberg to associate each individual rating of a 

specific agency with its assigned rating level.  

C. Sample identification and descriptive statistics 

Table 1 (Panel A), offers a preliminary portrayal of our total sample (N=2,541) in comparison 

with sub-samples of enterprises with (N=252) and without (N=2289) acquisitions of credit ratings. 

The time span from the 1st of January, 1997 to the 31th of December 2014 includes IPO deals of 

companies that secured one or multiple ratings at least one year prior to the offering. This consortium 

illustrates interesting fluctuations in the number of awarded ratings. In particular, for the year 1998 

data divulge a sufficient amount of rated firms (25) which is partly attributable to the record high new 

listing activity that begun with the ‘dot.com’ period that picked on March 2000 (Aggarwal, 2002).  

The burst of this bubble at the end of 2000, coupled with major corporate failures and the 

subsequent economic slow-down of the U.S. economy, reduced the number of rated corporations 

almost by one-third in the next three years (9 ratings were identified in 2003). Then, rating acquisition 

increased again until the credit crunch of 2007-2008 (e.g. we report only one rated IPO deal in 2008). 

The CRA industry recovers the lost ground towards the end of our sample period (13 ratings in 2013). 

Hence, there is non-trivial verification that the frequency of credit rating possession by potential 

issuers strongly associates to the overall state of the economy.  

Additionally, the right hand side of Panel A presents information on the allocation of ratings 

across years as well as the three leading U.S. CRAs under investigation. Consistently, we observe that 

the most preferred agency is Standard & Poor’s with a total of 111 awarded evaluations, followed by 

Moody’s with 86 and lastly by Fitch with 55. The three CRAs combined have given a rating to the 

9.92% of the total sample. Panel B, further analyzes the structure of credit ratings via exemplifying 

their assigned level. Interestingly, we notice that the bulk of rated companies range between the BBB+ 



and B- levels for Standard & Poor’s and Fitch and between Baa1 and Ba3 for Moody’s. Essentially, 

IPO deals concentrate around the boarder-line of lower medium investment grade and non investment 

speculative grades. 

[Please Insert Table 1 Here] 

Table 2 supplies descriptive statistics for the complete sample as well as for the rated and 

nonrated new offerings. Appendix A contains detailed definitions of all the employed variables. Panel 

A puts forward four preliminary indications which support our main research hypothesis that rated 

firms incur less money left on the table. First, IPOs securing credit ratings document an average 

underpricing of a modest 18%. This results in an adequate 9 percentage point difference as opposed to 

the 27% first day return of their non-rated counterparts. Second, regression of upward filling price 

revisions during the book-building process averts the need to bump up underpricing as a means of 

compensation to informed investors in order for them to unveil proprietary information (Hanley 

(1993), Loughran and Ritter (2002)). Therefore, in the credit rating sample exclusively, the average 

value of price revisions attains a minus sign (-2%). Third, Tobin’s Q as an effective proxy of a 

company’s competitive advantage (refer to Chung and Pruitt, 1995) also demonstrates inaugural 

evidence which sustain the notion that CRAs’ evaluations positively relate to distinguished short run 

IPO performance. This is evident at the mean Tobin’s Q ratio of rated new offerings which exceeds 

that of non-rated issues by 27%. Lastly, the same conclusion holds true for our investor valuation 

estimator that appears 29% larger for firms that obtain credit ratings. Noticeably, the mean differences 

of all variables included in Panel A are statistically significant at the 5% and 1% level accordingly. 

Panel B illustrates the IPO specific characteristics employed as control variables in all 

specification models. Proportionally, rated corporations are sufficiently larger than the non-rated ones 

as surrogated by the mean of gross proceeds which amounts to almost $346 million raised by the 

former and $91 million by the latter IPO deals. This trend is also evident when average net sales are 

utilized as an alternative way to proxy for size while new listings with credit ratings take on less 

leverage.  

On top of these stronger fundamentals, firms with credit ratings have longer time span of 

operations with an average age of about 26 years; which is almost 13 years older than the average of 

the non-rated sample. In line with their overall displayed quality, IPOs that maintain CRA evaluations 

usually rely on prestigious auditors and underwriters to facilitate the going public process and are not 

likely to seek venture capital backing.  Additionally, they issue lower amount of primary shares while 

their presence is not eminent in NASDAQ which is a stock exchange that associates with more 

speculative listings (Lowry and Shu, 2002). Lastly, we observe no significant difference in the percent 

of shares overhang among new offerings with and without credit ratings. 

[Please Insert Table 2 Here] 



IV. Methodology 

To fully capture the effects of credit ratings on IPO pricing we specify the following model: 

                                                            Yi = α +β Xj + γ CR + ε                                             (1) 

Where Yi is the level of initial returns (or degree of price revision), Xj represents a vector of 

exogenous IPO relevant characteristics, CR enters the equation as a binary variable that is equal to 

unity when the firm secures one (or multiple) rating(s) and ‘ε’ stands for the disturbance term.  

Initially, we conduct our analysis in a multivariate OLS regression setting. In order for 

coefficients to be unbiased, the estimate ‘γ’ of our main independent variable needs to be free from 

feedback effects and thus uncorrelated with ‘ε’ (Cov(CR,ε)=0). However, someone could argue that 

the acquisition of credit ratings is least partially decided by the firm’s management. It is plausible to 

assume that any company will seek CRAs evaluations if benefits, namely expectation of superior first 

trading day performance, outweigh the price required by the rating agencies. In this case, endogeneity 

and self selection bias could produce unreliable results. 

Heckman (1979) argues that endogenous selection is very similar in nature with the omitted 

variables problem and proposes a two stage procedure to cope with it. Following this process we 

define a first stage regression that estimates the probability of a firm securing a rating. Specifically, we 

model this selection equation as: 

                                                    CRi
*= ω Wi + μ                                                            (2) 

Where:   𝐶𝑅𝑖 = {
1, 𝑖𝑓  𝐶𝑅𝑖

∗ > 0

0, 𝑖𝑓 𝐶𝑅𝑖
∗ ≤ 0

 

In equation (2) CRi* is a latent variable, W a set of quantifiable determinants of CR, ω a 

vector of coefficients to be estimated and μ is the error term. Among the variables included in ‘W’ 

some could exert influence on IPO pricing and may be part of ‘ε’ in equation (1). Additionally, certain 

information that influence the company’s choice to seek ratings like R&D plans cannot be precisely 

measured and thus are included in ‘μ’. Correlation between the two error terms, verifies the existence 

of endogenous selection. 

Following the intuition of Cohen (2003) and An and Chan (2008) who also deal in their 

research with endogenous dichotomous variables, we demonstrate our attempt to correct for self-

selection bias in the following augmented model: 

E[Unerpricing or Price Revisions  | CR = 1] = β
′
Χ + γ + E [ε| CR = 1] 



                                                                         = β
′
Χ + γ + ρ σε

φ (ω′W)

Φ(ω′W)
                                    (3) 

Similarly, the model for non-rated IPOs is: 

E[Unerpricing or Price Revisions  | CR = 0]  = β
′
Χ +  ρ σε

−φ (ω′W)

1−Φ(ω′W)
                                     (4) 

By deducting specifications (3) and (4) we derive the expected impact of credit rating(s) on the level 

of initial returns: 

𝐸[Unerpricing or Price Rev.  | 𝑃𝑀𝐶 = 1 − 𝐸[Unerpricing or Price Rev.  | 𝑃𝑀𝐶 = 0] 

                                                                  = 𝛾 +  𝜌 𝜎𝜀
𝜑 (𝜔′𝑊)

𝜑 (𝜔′𝑊)(1−𝛷 (𝜔′𝑊))
                                             (5) 

In which Φ and φ respectively, stand for the cumulative and density distribution function of the 

standard normal distribution. 

Econometrically, equation (5) provides both the sign and scale of the effect of CRs on IPO 

pricing. This information is given via the coefficient ‘γ’ which corresponds to the OLS estimate in 

equation (1). However, now we can eliminate bias with the addition of the Inverse Mills Ratio (λ) that 

was missing from the initial multivariate analysis. The correction term conditional on rating existence, 

takes the following form: 

                                                 𝜆 =
𝜑 (𝜔′𝑊)

𝛷 (𝜔′𝑊))
  if CR=1  or  𝜆 =

−𝜑 (𝜔′𝑊)

1−𝛷 (𝜔′𝑊))
  if CR=0                              (6) 

This method describes the treatment effect model that we employ in order to tackle 

endogeneity. Additionally, we incorporate in our analysis a two stage instrumental variable (IV) 

approach in the spirit of Heckman (1978) and Wooldridge (2002). Under this framework we no longer 

have to assume normality in the distribution of residuals and thus the validity of results of our 

treatment analysis could be challenged. Essentially, in the 2SLS procedure the first step is a probit 

regression of the endogenous variable against the vector of all the available instruments that constitute 

‘W’. In the second step, equation (1) is estimated with OLS while the dichotomous regressor CR is 

replaced by the fitted probabilities we obtained from the reduced form. The employment of predicted 

values as instruments is crucial for our analysis. Since the extant literature does not specifically dictate 

a set of parameters that should be included in equation (2), this methodology provides a degree of 

flexibility in the assortment of explanatory variables. 

 

 



V. Empirical Analysis 

To verify that multicollinearity is not affecting our results we conduct a pairwise correlation 

test for all variables included in this study. Additionally, we use the variance inflation factor (VIF) 

check, to examine whether the variance of any given regressor augments due to its interdependence 

with other coefficients. Results show that VIF remains always low (less than five in every 

specification). With respect to our concern for feedback effects the Durbin, Wu, Hausman method 

rejects the hypothesis of no endogeneity and validates the inclusion of the treatment effect and IV 

approach. Lastly, it is important to mention that we account for industry as well as year fixed effects 

throughout our analysis as potential IPO clustering could destabilize the reliability of our findings 

(refer to Cao and Shi, (2006)). 

[Please Insert Table 3 Here] 

 

A.1 Determinants of Credit Rating acquisition 

The econometric models we describe in the methodology section rely on a probit regression 

which estimates the company’s probability to obtain one or multiple ratings. This probit specification 

corresponds to the first stage step both for the treatment effects and the generated instrumental 

variable method and yields a pseudo R2 of 0.36 

We look into relevant literature to determine the factors that augment the firm’s likelihood to 

secure credit rating(s) and include them in ‘W’ as explanatory variables of our selection equation. 

Empirical evidence (Barclay and Smith, (1995); Graham, (1996); Graham, Lemmon and Scallheim, 

(1998); Hovakimain, Opler and Titman, (2001)) from prior studies focusing on debt markets, proposes 

that rated companies encompass clearly different characteristics than the unrated ones. One of these 

elements is company size. As the issuance of public debt as well as the acquisition of rating(s) is a 

process that entails significant fixed costs it is reasonable to assume that only large firms can incur 

such an expense. In our analysis we employ the natural logarithm of net sales to proxy for size. 

Apart from how large the firm is, recent research (Faulkender and Petersen, (2006); Liu and 

Malatesta, (2006) and An and Chan, (2008)), contents that the number of years elapsed from the day 

of incorporation, the degree of profitability, the amount of tangible assets and the limited prospects of 

future growth are also factors that incline a company to seek CRAs’ evaluations. 

With respect to the age of the organization, authors (Ritter, (1984); Schultz, (1993); and Carter 

and al, (1998)) suggest that the years that passed from the founding day of the firm until the initial 

offering, constitute one important measure of IPO risk. The logic behind this argument is that older 

companies have proven their endurance in recurring market fluctuations and are better know to the 



general public. Thus, we expect lower level of information asymmetries compare to newly established 

entities. To confine the effect of age, we include in equation (2) the dichotomous variable ‘aged’ 

which is equal to unity when five or more years have elapsed between the incorporation and the first 

trading day and zero otherwise.  

Another determinant of the firm’s risk profile that affects the odds of securing a rating is 

profitability. Following the intuition of Liu and Malatesta (2006), we claim that cash affluent 

corporations are more likely to issue public debt and seek evaluation from CRAs. On the other hand, 

entities in financial distress face high default probability and prefer to strike a resolution with private 

lenders. In this study we employ the ratio of earnings before interest taxes depreciation and 

amortization to total assets as proxy of profitability and we include it in our probit specification.  

An additional company specific factor that is common among rated firms is the possession of 

a relatively high amount of fixed assets. Arguably, companies with valuable tangible resources can 

more efficiently facilitate access to the funds of lenders by using their property as collateral. To 

surrogate for the value of assets, we include in the selection equation the ratio of property plant and 

equipment to total assets. Also, we follow the suggestion of An and Chan (2008) and include in the 

first stage model the ‘growth’ variable that is estimated as R&D expenses scaled by net sales. We do 

so, as we expect that high growth firms would be more prone to issue private debt and refrain from 

seeking credit rating acquisition.  

Furthermore, a plethora of prior studies (Houston and James, (1996); Johnson, (1997); Spindt 

and Subramaniam, (1998); Cantillo and Wright, (2000) and Denis and Mihov, (2003)), point out that 

the ability of the company to take on sufficient amount of leverage reflects its reputation in the credit 

market and smooth the progress of public debt issuance. Consequently, we expect CRA’s clients to be 

highly leveraged entities and we control for this fact in our probit model by including the ratio of debt 

to total assets for year preceding the IPO.  

In conjunction with the notion that superior credit quality is a prominent feature of 

corporations with credit ratings, we argue that inclusion of an estimator of default risk in our selection 

equation is imperative. Following the seminal work of Altman (1968), we rely on the Z-score to 

estimate the odds of bankruptcy of a company within the following one or two years. As the Z-score 

increases the chances of a firm going out of business diminish. Thus, we anticipate rated entities to be 

associated with higher scores. Since the original Altman’s score refers to public companies we slightly 

adjust our approach by calculating the Z-score for private firms as suggested by Altman (2000): 

Z= 6.56 (Working Capital/Total Assets) + 3.26 (Retained Earnings/Total Assets) +                      + 

6.72 (Earnings before interest and taxes/ Total Assets) + 1.05 (Book value of equity/Book value of 

total liabilities) 



Lastly, Faulkender and Petersen (2006) raise the consideration that companies operating in 

industries where a large proportion of firms are already rated; are more likely to seek evaluation by 

CRAs’. To cope with this concern, we include in our probit model the logarithm of one plus the 

fraction of rated corporations in the same three digit industry according to the US standard industrial 

classification system. Table (4), presents the output of the first stage regression. 

[Please Insert Table 4 Here] 

 

A.2 Acquisition of single credit rating and IPO pricing 

Table 5 presents regression output on the effect single credit ratings exert on underpricing. To 

illustrate the robustness of our results, we report the estimated coefficients from all the econometric 

models employed in our analysis: OLS (Columns 1, 4, 7 and 10), Heckman treatment effects method 

(Columns 2, 5, 8 and 11) and the generated instrumental variables approach (Columns 3, 6, 9 and 12). 

The dependent variable is the level of initial returns measured as the percent difference between the 

closing and offer price at the first trading day. The list of control variables encompasses key indicators 

which according to relevant literature explain much of the variance evidenced on the magnitude of 

underpricing. Namely we use: 

IPO Proceeds: following the intuition of Beatty and Ritter (1986), we anticipate larger firms 

to have established strong corporate footprint in the market. Thus, outside investors are more familiar 

with the operations and prospects of bigger companies and perceive their issues as less speculative 

compare to smaller ones. Consequently, we suspect a negative relation between this variable and the 

amount of money left on the table. 

Pre-IPO Net Sales: is also employed as proxy of firm size.  Smart and Zutter (2003) and 

Arugaslan et al (2004) present evidence that as the natural logarithm of this indicator augments the 

company attracts increased attention from outsiders and as a result uncertainty decreases. Along these 

lines, we anticipate sales to be inversely related to underpricing. 

Venture Capital backing: Megginson and Weiss (1991) demonstrate that the presence of 

reputable ‘VC’ financiers can significantly reduce initial returns. Distinguished venture capitalists not 

only are associated with a record of successful new offerings but also maintain major portion of 

ownership long after the IPO. This enduring investment horizon makes them vigilant against excess 

money left on the table. Based on this logic, we expect a negative sign on this coefficient in our 

models. 



Underwriter Rank: relates to the alleged quality of the mediator that underwrites the issue. 

Carter and Manaster (1990), report abnormal first day returns for companies which hired prestigious 

underwriters. This is attributed to positive signals sent to market participants via the decision to rely 

on a reputable IPO intermediary. We content that this relation will also appear in our analysis. 

Overhang: pertains to the extent of dilution the company incurs at new issue day. Following 

the example of Bradley and Jordan (2002), we measure this indicator as the number of shares 

preserved by pre-IPO shareholders dived by total equity issued at the time of the offering.  As 

underpricing costs are proportionately shared among investors who retain ownership after the firm 

goes public (refer to Lowry and Murphy, 2007), a small number of new shares (high overhang) brings 

the costs of dilution down and signifies high initial returns. Thus, a positive relationship is also 

assumed throughout this paper. 

Primary Shares: assumes the value of one if the offering is merely primary and zero 

otherwise. Habib and Ljungqvist (2001), propose that firm owners seeking to sell their shares shortly 

after the IPO are the ones who suffer higher underpricing and dilution costs. Therefore, we predict that 

the degree of insider selling in a primary new issue increases the amount of money left on the table. 

Exchange Listing: is a categorical variable equal to unity for companies listed on NASDAQ 

and zero otherwise. Based on evidence presented by Lowry and Shu (2002), offerings on this stock 

exchange are perceived as riskier and harder to value compare to NYSE/AMEX IPOs. As a result, 

initial returns are usually higher for NASDAQ companies. 

Auditor Reputation: Following the example of Beatty (1989), we argue that when the auditing 

of a company’s financial statements is prepared via a prestigious agent, vital information on firm’s 

quality disseminates to outsiders and underpricing contracts. In our empirical analysis, we employ a 

dummy indicator which takes the value of one in the presence of a reputable auditor and zero 

otherwise. 

Accounting for the effect the above variables exert on IPO performance we endeavor to 

provide evidence in support of our initial hypothesis (H.1). So far the extant literature consents on the 

information asymmetry alleviating role of CRAs in debt markets. However, in the context of new 

issues, very little and occasionally controversial findings are available. We shed light into this area by 

first investigating the relation between single credit ratings and the magnitude of underpricing. 

[Please Insert Table 5 Here] 

Consistently, all three econometric models generate coefficients on the credit rating variables 

highly significant (at the 5% and 1% level of confidence) and corroborate the expected minus sign. In 

particular, results reveal that the presence of a rating from any of the three biggest US CRAs 



(specifications 1, 2, 3) strongly lessens the amount of money left on the table. The same conclusion 

holds when the three rating agencies are examined separately against the level of initial returns 

(specifications 4-12). Our findings extend the work of An and Chan (2008) by justifying that apart 

from Standard & Poor’s also Moody’s and Fitch associate with superior short-run IPO performance.  

This empirical outcome aligns with studies (Morgan and Stocken (2003), Guntay and 

Hackbarth (2010)) claiming that firm evaluation by respectable and independent agents eliminates 

uncertainty about company quality via confidence enhancement of risk averse investors. More 

importantly, we observe that credit rating variables except from being a reliable proxy of the 

creditworthiness of an enterprise also divulge strong economic significance. Plainly, the instrumental 

variable approach denotes that ‘Rating ‘existence lowers underpricing by 12.23%. Even though, it is 

not possible to totally abolish other explanations of the inverse relation between CRs and initial 

returns, results concur with our first hypothesis. 

The regression output regarding control variables is generally consistent with literature for all 

estimation procedures. Issues of older and larger companies (both in terms of proceeds and net sales) 

associate with less money left on the table as investors consider them less risky compare to younger 

and smaller rivals. The same holds true for the existence of a reputable auditor that eradicates 

uncertainty about the quality of a firm’s financial statements. Moreover, we report a positive and 

highly significant coefficient for our overhang indicator. This verifies the suggestion of Bradley and 

Jordan (2002) that the cost of dilution is lower in offerings with higher overhang, signifying worse 

short term IPO performance. Similarly, underpricing increases for NASDAQ listings that are regarded 

more speculative compare to those on NYSE/AMEX. Interestingly, the (positive and significant) 

coefficients for underwriter reputation and venture capital backing, oppose the evidence presented by 

Carter and Manaster (1990) and Megginson and Weiss (1991) but align with Loughran and Ritter 

(2004) and Lowry and Murphy (2007). Further, it is not surprising that the primary shares variable 

relates positively to the level of initial returns. Rationally, firm managers with no intention to sell their 

part of ownership are not particularly concerned with the magnitude of underpricing.  

B. Multiple credit ratings and IPO pricing 

B.1 Parallel rating acquisition and initial returns 

Under the light of the above evidence that possession of a single credit rating constitutes an 

imperative means of uncertainty retrenchment, we turn our focus on the first trading day performance 

of multi- rated companies. In particular, we are inclined to scrutinize the effect a combination of 

ratings exerts on the amount of money left on the table. To effectively address this issue, we initially 

employ as main independent variable a categorical indicator which assumes the value of one for firms 

that combine two or three parallel evaluations (from the world’s three leading CRAs) and zero 



otherwise. This variable is then regressed against the level of initial returns while the set of control 

parameters remains unchanged. 

[Please Insert Table 6 Here] 

Findings of table 6, exhibit significance at all conventional levels of confidence, while 

upholding the minus sing. Results are robust across three estimation procedures and coefficients 

augment their impact on the dependent variable after accounting for feedback effects. With this 

outcome, parallel credit ratings demonstrate their capacity to stabilize the inherently uncertain going 

public process.  This is due to the unambiguous incremental effect on first trading day performance of 

multi-rated companies. The economic significance that verifies the investment character of compound 

rating is apparent in the reduction of average underpricing from 22,27% to 8,6% which translates to a 

gain of 608,255 million dollars. On the basis of this evidence we infer that the rating shopping 

hypothesis which suggests that competition among CRAs could incapacitate their appeal to market 

participants does not stand for potential investors of new listed companies. 

B.2 Multiple credit rating combinations and IPO pricing 

At this stage of analysis, we meticulously examine how specific groupings of US CRAs affect 

the (short run) success of new offerings. We are predominantly interested to verify whether certain 

rating combinations exert stronger impact on the level of initial returns. To facilitate the empirical 

approach we induce a categorical variable that assumes the value one for a particular CRA mixture 

and zero otherwise. In specifications 1-4, we scrutinize latent assortments of Standard & Poor’s, first 

with Moody’s and then with Fitch. Next, in models 5 and 6, the main variable of interest is the 

interaction among Moody’s and Fitch and lastly our examination is consolidated with the inclusion of 

all rating agencies in specifications 7 and 8. To ascertain that endogeneity is not crippling our results 

both the Heckman Treatment effects and the generated instrumental variables methods are employed. 

The panel of control regressors remains unchanged. 

[Please Insert Table 7 Here] 

This thorough investigation of compound ratings, grants remarkable insights to their 

consideration as an effective mechanism that eradicates market frictions in situations where outside 

investors are in informational disadvantage. Table 7 reveals that coefficients of all feasible 

combinations of CRAs exhibit negative and highly significant effect on the money left on the table. 

The findings hold across both econometric methodologies and after adjusting for self-selection bias, 

while control variables generate estimators in line with the existing literature. 

 



C. Credit rating levels and initial returns 

The empirical evidence presented so far corroborates the inverse relation between credit 

ratings and underpricing. At this part of the study, we endeavor to address the second research 

hypothesis. This suggests that along with credit rating existence also the soundness of firm’s risk 

bearing capacity, as reflected by the level of the rating, can serve as uncertainty eliminator.  

To investigate this inquiry we construct the variable ‘’CRL’’ with data acquired from the 

Bloomberg database. Precisely, CRL takes values that range from 1 to 22 for Standard and Poor’s with 

higher rating levels corresponding to larger numbers (i.e.  1 indicates a D rating and 22 a AAA rating). 

Similarly, this indicator arrays between 2 and 22 for Moody’s (i.e. 2 for C rating and 21 for Aaa 

rating) and among 3 and 22 for Fitch (i.e. 3 for D and 22 for AAA).  

To fully capture the effect of CRL on the money left on the table we run four separate 

regression specifications, one for each CRA plus an additional model where the rating levels of all 

agencies are taken into consideration. Given the ordinal nature of our main explanatory variable the 

two stage least squares method is regarded as most suitable for generation of unbiased results.  

[Please Insert Table 8 Here] 

Table 8, presents regression output on the relation of credit rating levels with first trading day 

performance. Invariably, all CRL coefficients sustain negative sign and display statistical significance 

at the 5% level of confidence. This finding, confides an interesting market implication. Particularly, 

we observe that outside investors under the burden of information asymmetry reward with less 

underpricing firms that retain high rating levels. Taking into account relevant studies (Hand et al 

(1992), Ederington and Goh (1998) and Boot et al (2006)) reporting sharp stock price declines at 

announcement of CRL downgrades (and vice versa), we could claim that outsiders associate the rating 

level with the company’s operating viability as reflected by its risk bearing capacity.  

D. The Effect of credit ratings on revisions of the filling price 

The book building process initiates when underwriters file a price range reflecting their best 

approximation of IPO’s offer price at that point in time. The need for accurate valuations requires 

mining of private information and vigilant monitoring of the way investors react to information 

available to the general public (Cornelli and Goldreich (2003)). The time devoted to road-shows 

(usually weeks or months) apparently serve this rationale but does not bring to a close the pricing 

assessment. The determination of the concluding offer price also rests upon certain level of 

contentment of the issuing firm and thus a balance among the company, underwriters and investors has 

to be established. Upon the outcome of the road-show managers of the issuing and underwriting 



entities could spark additional fierce discussions which can last even moments before the actual launch 

of the IPO. 

Literature on this field, systematically quantifies bookbuilding variance as offer price 

divergence from the average of the initial filling price array (Benveniste and Spindt (1989), 

Benveniste and Wilhelm (1990), Spatt and Srivastava (1991), Hanley (1993), Cornelli and Goldreich 

(2003)). Due to its wide ranging nature we anticipate this metric to be a good fit in our quest to depict 

bookbuilding under the credit rating regime. We investigate this issue, in order to address the third 

research hypothesis raised in this study. The results are presented in table 9.  

[Please Insert Table 9 Here] 

            To accentuate the facilitating role of credit ratings on filing price revisions, we endow with a 

dual set of estimations focusing on both individual and combination of ratings. On this basis, panel A 

reports findings for the three individual US CRAs. The main independent variable is a binary indicator 

which equals to unity in the presence of a particular agency and zero otherwise (i.e. Specifications: 1-3 

correspond to Standard and Poor’s, 4-6 to Moody’s and 7-9 to Fitch). All other control regressors are 

the same as in previous sections since price filling during the bookbuilding process is generally 

influenced by the same firm and issue relevant characteristics.  

    Columns (1), (4) and (7) illustrate OLS results of the proposed model. Coefficients of CRAs are 

negative and significant at the 1% level, providing first round support for our third hypothesis. 

Nevertheless, the aforementioned concern for feedback effects and self-selection bias amounts to our 

reluctance to formulate conclusions based on these findings. Columns (2), (5) and (8) apply the 

Heckman treatment effect method and via a strongly significant inverse Mills ratio confirm our 

suspicion. To further strengthen the robustness of our approach we also use the generated instrumental 

variables estimation in columns (3), (6) and (9) respectively. This way we increase the magnitude of 

CRA coefficients and verify their high significance and adverse impact on bookbuilding variance.  

   Similarly, in panel B the same methodological approach is employed but this time for all possible 

combinations of compound ratings. Once more the regression outcome grants strong evidence in favor 

of hypothesis 3.  

VI. Additional Robustness Checks 

This study provides empirical evidence confiding the value of multiple credit rating 

acquisition in various aspects of the going public process. Prior sections emphasize the uncertainty 

mitigating role of CRAs as reflected by lower underpricing echelon and the lessen range of filling 

price revisions. Further, we support the notion that credit rating levels mirror the firm’s quality and 



consequently exert incremental effects on first trading day performance. In this part of our research, 

we supply a set of robustness checks to verify the validity of our results. 

A. Investment Grade levels and IPO pricing 

To comprehensively substantiate the information disseminating character of CRAs, we pore 

over the association of investment grade ratings with money left on the table. If the existence of credit 

ratings per se, as well as the rating level, are effective proxies of an enterprise’s quality then we expect 

higher CRA evaluations to relate with superior short run IPO performance. The optimal way to test 

this issue is to specifically focus on companies maintaining investment grade ratings. Following 

Helwege and Turner (1999), we include in this category ratings that rank from BBB- and higher for 

Standard & Poor’s along with Fitch and from Baa3 and higher for Moody’s. 

Intuitively, we base our rationale on relevant studies that focus on equity markets and 

establish evidence of pattern reactions among stock prices and rating level variations. Ederington and 

Goh (1998); Blanco et al (2005) and Jorion et al (2005) confirm systematically larger abnormal returns 

for investment grade firms compare to those with speculative ratings. This effect is attributed to the 

ability of credit rating levels, to at least partially determine investor confidence. 

In the context of our study, we scrutinize the relation of investment grade ratings with initial 

returns via the inclusion of a binary variable ‘INVESTGRD’ which assumes the value of one for firms 

with such rating and zero otherwise. This indicator is then regressed against underpricing in two 

estimation models. The first incorporates a matched sample of rated firms only and the second 

integrates the total amount of new offerings included in our research. As in the main analysis section, 

we rely on Heckman treatment effect method to account for potential endogeneity and we maintain the 

same set of control variables. Findings are reported in table 10. 

[Please Insert Table 10 Here] 

Perpetually, the estimated coefficients demonstrate high statistical significance (5% and 1% 

respectively) with negative signs in both econometric approaches. In addition, control regressors 

behave exactly as predicted by literature. Further, we observe an interesting augmentation in terms of 

significance and magnitude of predicted results when investment grade firms are tested against the 

total sample. Rationally, in a setting where the existence of credit ratings is by itself an important 

facilitator of the going public process, the impact of rating levels on IPO performance is more 

pronounced when rated issues are contrasted with non-rated ones. This outcome is in complete 

agreement with the focal point of our empirical investigation as discussed previously. 

 



B. Effect of multiple credit ratings on Tobin’s Q 

Our main body analysis tenders justification to the beneficial upshots of compound rating 

acquisition on the level of initial returns. As an additional robustness implementation, we revert to the 

relation of multiple credit ratings with firm performance from a new perspective. In particular, Tobin’s 

Q is employed as an alternative dependent variable in order to investigate the effect various CRA 

combinations exert on company value. 

Following Chung and Pruitt (1995), we compute this indicator by dividing the summation of 

total equity, (net) current liabilities and the book value of withstanding long term debt with total 

assets. As Montgomery and Wernerfelt (1988) point out, Tobin’s Q constitutes an effective surrogate 

of an enterprise’s competitive advantage. This is because the Q ratio echoes projected cash inflows 

and thus confine the time lag elapsing between an investment decision (such as the choice to obtain 

credit ratings) and realized proceeds. Further, it is less vulnerable to accounting distortions compare to 

other measures like ROA (Lindenberg and Ross, 1981). In this setting a ratio larger than one 

designates higher growth opportunities. 

Methodologically, to examine the aforementioned issue we create a set of binary variables for 

all possible CRA permutations. Precisely, in specifications (1) and (2), the estimator ‘’S&P, 

Moody’s’’ equals to unity for companies that secured ratings from these particular agencies (prior to 

their IPO) and zero otherwise. Respectively, the same logic applies to ‘’S&P, Fitch’’, ‘’Moody’s, 

Fitch’’ and ‘’S&P, Moody’s, Fitch’’. To make sure that self-selection bias is not affecting our 

findings, both OLS and the two stage least squares method are used. Table 11, reports the results. 

[Please Insert Table 11 Here] 

Consistently, all CRA coefficients present high statistical significance (at the 1% level) and 

exhibit positive sign across both econometric procedures. At the same time, the vector of control 

variables remains in the same direction that was discussed in previous sections. This outcome 

completely aligns with the basic notion of this study that the existence of multiple credit ratings by the 

three leading CRAs (prior to the listing) disseminates superior quality to outside investors. 

C. Impact of various CRA combinations on investor valuation 

To extra strengthen our main supposition that credit ratings represent an effectual means of 

improving the new offering’s success, we seek an alternate way to appraise how investors value rated 

companies in an IPO framework. On this basis, we hinge on prices market participants place on IPOs 

as an additional dependent variable. Based on the influential work of Welbourne and Andrews (1996) 

and Nelson (2003), we claim that investor valuation detains the premium placed on a corporation’s 

total assets by potential investors. To quantify this concept we follow Certo et al (2003) and define our 



new variable as the percentage difference of the offer price and the book value of equity. In such 

context larger premia are assigned to more encouraging projects. Econometrically, we employ a 

Heckman treatment effects model where various CRA combinations are regressed against the investor 

valuation indicator while control variables remain unchanged. 

[Please Insert Table 12 Here] 

All estimations sustain a strong (at the 1% level of confidence) and positive relationship 

among investor valuations in every possible grouping of the three leading US credit rating agencies. 

Once more, this finding validates the investment character of ratings as evidenced by their ability to 

disseminate information on firm quality. 

D. Other testing’s 

We further provide auxiliary tests against potential causes of bias by commencing the subsequent 

adjustments: (1) measuring initial returns to the end of the eleventh day of trading and first trading 

month (as suggested by Chambers and Dimson, 2009); (2) eliminating lingering financial new listings; 

(3) censoring underpricing at the first and ninety-ninth in addition to the fifth and ninety-fifth 

percentiles to account for outliers; and (4) conducting propensity score matching analysis to estimate 

the average treatment effects of credit rating acquisition on money left on the table. The reported 

coefficients in all of these estimations stay qualitatively alike and for concision are suppressed. Rated 

firms monotonically associate to superior short run IPO performance and predispose filling price 

revisions downwards verifying the robustness of our empirical evidence. 

 

VI. Conclusion 

In the first paper to associate multiple credit rating acquisition to the IPO performance, we 

demonstrate that prospective issuers who set up a record of ratings from the three largest U.S. CRAs 

leave less money on the table at the first trading day. As it is easily traceable and also publicly 

available, a record of credit rating acquisitions comprise an effective channel through which 

information on the corporation’s increased risk bearing capacity is disseminated to outsiders. 

Consequently, potential investors of a new listing are more confident that the company will face fewer 

market frictions and thus require lower premia in order to procure its equity. On this basis, the IPO 

firm can initiate operations as a public entity by incurring modest level of underpricing when it will 

enter a stock exchange for the first time.  

Addressing the set of research questions that were raised in the introduction, our paper 

explains that credit rating existence per se from the world’s leading CRAs forms an appropriate proxy 



of firm quality as evidenced by the distinguished short run performance of the rated IPOs. Invariably, 

ratings from each agency exhibit strong and adverse impact on the level of initial returns. Based on 

this inference, we take an extra step to assess whether the same pattern persists in the case of 

compound ratings. To this end, we run a range of regression specifications that scrutinize the effect of 

all possible combinations of rating agencies and we confirm that multi-rated companies contribute 

significantly to the mitigation of uncertainty in the going public process. This conclusion holds both 

for double and triple rating possession. Additionally, the grade level of the assigned ratings of each 

CRA, further contributes to a successful first trading day. Our study provides evidence in support of 

the notion that higher ratings are awarded to firms that investors perceive as less risky. At last, results 

reveal a fairly interesting phenomenon. Namely, the   facilitating role of credit ratings is also present 

in the price discovering process during the book building period. Robust econometric output shows 

that CRAs’ evaluations consistently filing price revisions downwards. 

Assessing the fundamentals of rated IPOs, we discover that these issues are related to better 

quality as proxied by the extent of operational experience, market share, and the amount of proceeds 

raised. Additionally, alternative issuer specific variables such as the Tobin’s Q ratio and investor 

valuations also verify the beneficial aspects of seeking CRA evaluations. Therefore, it becomes 

reasonable that rated companies engage in the costly investment of rating acquisition in an effort to 

handle in time market frictions and uncertainties that lay ahead. 
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 Appendix A: Variable Definitions 

Panel A: Measures of IPO pricing 

Underpricing (Initial Return) The percentage difference between the first day closing price available on 

CRSP and the offer price as reported in the firms’ S-1 documents. 

Filing Price Revisions The difference between offer price and the midpoint of the initial filing 

price range, divided by the offer price. 

Tobin’s Q The summation of total equity, (net) current liabilities and the book value 

of withstanding long term debt divided by total assets. 

Investor Valuation The percentage difference of the offer price and the book value of equity 

as reported in the companies’ prospectuses 

Panel B: Credit Rating related variables 

Credit Rating Existence (CRD) Categorical Variable which assumes the value of 1 if the firm secures 

credit rating from any of the three largest CRAs and 0 otherwise. 

Standard & Poor’s (S&P) Binary indicator that equals to unity for companies that obtain a rating 

specifically from  Standard & Poor’s and 0 otherwise 

Moody’s (MDY) Dummy variable that equals to 1 for firms that obtain a rating specifically 

from  Moody’s and 0 otherwise 

Fitch (FIT) Dummy variable that equals to 1 for firms that obtain a rating specifically 

from  Fitch and 0 otherwise 

{2} or {3} Ratings Categorical indicator equal to 1 for firms that secure multiple credit 

ratings (either 2 or 3) from the three largest U.S. CRAs 

S&P Moody’s Categorical indicator equal to 1 for firms that secure credit ratings 

specifically from  Standard & Poor’s and Moody’s and 0 otherwise 

S&P Fitch Binary variable equal to 1 for firms that secure credit ratings specifically 

from  Standard & Poor’s and Fitch and 0 otherwise 

Moody’s Fitch Dummy variable equal to 1 for firms that secure credit ratings specifically 

from  Moody’s and Fitch  and 0 otherwise 

S&P Moody’s Fitch Categorical indicator equal to 1 for firms that secure credit ratings from all 

the three leading U.S. CRAs and 0 otherwise 

Credit Rating Levels (CRL) Grade of rating prior the IPO event. The value of 22 is assigned for AAA 

ratings, 21 for next lower grade (AA) and so on until we reach the lowest 

grade (D) which takes the value of 1. 

Investment Grade (InvestGrd) Binary indicator that equals to unity for companies obtaining investment 

grade ratings and 0 otherwise. 

 Panel C: IPO characteristics 

NASDAQ Listing (Exchange) Categorical variable equal to 1, for NASDAQ listings and 0 otherwise. 

Share Overhang (Over) The ratio of shares that pre-IPO shareholders retain over the new shares 

issued at the offering. 

Underwriter Ranking (Under) Categorical indicator equal to 1 for new listings employed underwriters of 

the highest prestige ranking, following Loughran and Ritter (2004) 

database and 0 otherwise 

Auditor Reputation (AudRep) Binary variable equal to 1 for the existence of a reputable auditor and 0 

otherwise. 

Firm Age (LnAge) The natural logarithm of  the number of years elapsed from the company’s 

foundation to the year of IPO. Dates are obtained from the Field-Ritter 

database. 

Venture Capital (Vent Cap) Binary variable equal to unity for firms with venture capital backing and 0 

otherwise. 

Primary Shares (Prim) Dummy variable that is equal to 1 if the offering is exclusively primary 



  

and 0 otherwise 

Gross Proceeds (LnProceeds) The natural logarithm of the total amount of proceeds raised at the first 

day of trading. 

Sales (LnSales) The natural logarithm of net sales in pre-IPO year as proxy of firm size 

Panel D: List of employed instruments 

Industry Fraction (INDFRAC) The natural logarithm of 1+ the fraction of firms in the same industry that 

secure credit ratings 

Altman-z (z-score) 6.56 (Working Capital/Total Assets) + 3.26 (Retained Earnings/Total 

Assets) + 6.72 (Earnings before interest and taxes/ Total Assets) + 1.05 

(Book value of equity/Book value of total liabilities) 

Tangibility The company’s property, plant and equipment divided by total assets 

Growth Research and development expenditures divided by net sales 

Profit Earnings before interest, taxes, depreciation and amortization divided by 

total assets 

Aged Dummy variable equal to unity if the company was at least 5 years old at 

the day of the IPO and 0 otherwise. 

Leverage The ratio of total debt to total assets in the pre-IPO year 

Shares The total number of shares issued 



Table 1: Summary Statistics  
The table reports descriptive statistics for a sample of 2,541 US IPOs over the period 1997-2014. Panel A. from the left hand 
side identifies in time the distribution of rated and unrated IPOs both as absolute number and as percent of total sample. 
The right side of Panel A presents the allocation of credit ratings across the three leading US CRAs. Panel B. reports the 
allocation of rating levels for all rated companies. The number of firms with the same rating appears in a parenthesis 

  

Panel A: Distribution in time of rated and unrated IPOs 

Year Total Sample Rated IPOs Unrated IPOs  S&P Moody’s Fitch 
Total 
Rated 

 N % N % N %  N % N % N % % 

1997 213 8.38 24 0.94 189 4.53  10 0.04 9 0.04 5 0.02 0.10 
1998 140 5.51 25 0.98 115 8.74  11 0.04 10 0.04 4 0.02 0.10 
1999 243 9.56 21 0.83 222 8.50  9 0.04 7 0.03 5 0.02 0.08 
2000 237 9.33 21 0.83 216 2.44  9 0.04 7 0.03 5 0.02 0.08 
2001 76 2.99 14 0.55 62 2.56  6 0.02 5 0.02 3 0.01 0.06 
2002 74 2.91 9 0.35 65 2.79  5 0.02 2 0.01 2 0.01 0.04 
2003 80 3.15 9 0.35 71 4.64  4 0.02 3 0.01 2 0.01 0.04 
2004 136 5.35 18 0.71 118 5.55  9 0.04 5 0.02 4 0.02 0.07 
2005 155 6.10 14 0.55 141 5.47  8 0.03 6 0.02 0 0.00 0.06 
2006 155 6.10 16 0.63 139 5.59  7 0.03 5 0.02 4 0.02 0.06 
2007 150 5.90 8 0.31 142 0.91  3 0.01 2 0.01 3 0.01 0.03 
2008 24 0.94 1 0.04 23 1.22  1 0.00 0 0.00 0 0.00 0.00 
2009 41 1.61 10 0.39 31 3.42  4 0.02 3 0.01 3 0.01 0.04 
2010 100 3.94 13 0.51 87 3.97  5 0.02 4 0.02 4 0.02 0.05 
2011 106 4.17 5 0.20 101 4.21  2 0.01 2 0.01 1 0.00 0.02 
2012 115 4.53 8 0.31 107 8.89  3 0.01 3 0.01 2 0.01 0.03 
2013 243 9.56 17 0.67 226 4.53  7 0.03 6 0.02 4 0.02 0.07 
2014 253 9.96 19 0.75 234 8.74  8 0.03 7 0.03 4 0.02 0.08 

Total 2541 100 252 9.92 2289 90.08  111 0.44 86 0.34 55 0.22 100 

Panel B: Allocation of credit rating levels across the three leading US CRAs 

                S&P                                  Moody’s                      Fitch 

Assigned Level Grade N Grade N Grade N 

22 AAA (INV GRD) 0 Aaa(INV GRD) 0 AAA(INV GRD) 0 

21 AA+ (INV GRD) 5 Aa1(INV GRD) 3 AA+(INV GRD) 1 

20 AA (INV GRD) 1 Aa2(INV GRD) 2 AA(INV GRD) 2 
19 AA-(INV GRD) 7 Aa3(INV GRD) 8 AA-(INV GRD) 0 
18 A+(INV GRD) 2 A1(INV GRD) 1 A+(INV GRD) 0 
17 A(INV GRD) 3 A2(INV GRD) 4 A(INV GRD) 0 
16 A-(INV GRD) 0 A3(INV GRD) 2 A-(INV GRD) 3 

15 BBB+(INV GRD) 3 Baa1(INV GRD) 4 BBB+(INV GRD) 2 
14 BBB(INV GRD) 19 Baa2(INV GRD) 17 BBB(INV GRD) 2 
13 BBB-(INV GRD) 16 Baa3(INV GRD) 14 BBB-(INV GRD) 5 

12 BB+(SPECUL.GRD) 3 Ba1(SPECUL.GRD) 5 BB+(SPECUL.GRD) 5 

11 BB(SPECUL.GRD) 4 Ba2(SPECUL.GRD) 2 BB(SPECUL.GRD) 11 
10 BB-(SPECUL.GRD) 2 Ba3(SPECUL.GRD) 1 BB-(SPECUL.GRD) 9 
9 B+(SPECUL.GRD) 12 B1(SPECUL.GRD) 6 B+(SPECUL.GRD) 6 
8 B(SPECUL.GRD) 10 B2(SPECUL.GRD) 5 B(SPECUL.GRD) 6 
7 B-(SPECUL.GRD) 9 B3(SPECUL.GRD) 4 B-(SPECUL.GRD) 1 
6 CCC+(SPECUL.GRD) 2 Caa1(SPECUL.GRD) 1 CCC(SPECUL.GRD) 3 
5 CCC(SPECUL.GRD) 7 Caa2(SPECUL.GRD) 3 DDD(SPECUL.GRD) 0 

4 CCC-(SPECUL.GRD) 6 Caa3(SPECUL.GRD) 4 DD(SPECUL.GRD) 0 

       



Table 2: Descriptive Statistics for IPO deals 

This table presents descriptive statistics for a sample of 2,541 IPOs that floated the U.S. stock exchanges form 1st of January 19977 to the 31th of December 2014, along with 

the subsample of new listings with and without credit ratings. The new listings are retrieved from the Securities Data Company (SDC) database. The statistics incorporate the 

mean, median, minimum, maximum and standard deviation for all dependent variables included in our analysis as well as for all control variables used in every specification 

model. The presentation for each variable finishes off with a test for difference in the means of sub-samples. Panel A portrays the key measures of IPO pricing i.e. 

underpricing, revisions, Tobin’s Q and investor valuation. Panel B illustrates the IPO specific characteristics employed in our analysis. Data for stock prices comes from 

CRSP while all accounting data are collected from Compustat. Detailed definitions of all variables are provided in the Appendix. 

 

Full Sample (N= 2541) IPOs with credit ratings (N = 252) IPOs without credit ratings (N=2289) 

 

P-value 

T -Diff 

 

Mean Median Min Max Mean Median Min Max Mean Median Min Max 

 

 

s.d. 

   

s.d. 

   

s.d. 

     Panel A – IPO pricing 

                             Initial Return 0.22 0.11 -0.43 5.07 0.18 0.5 -0.2 1.23 0.27 0.26 -0.43 5.07  0.00 

 0.44    1.95    0.48      

Filling price revision  -0.25 0.00 -1.82 1.57 -0.2 -1.5 -0.47 1.47 0.2 0.1 -1.82 1.57  0.01 

 1.62    1.67    1.89      

               Tobin’s Q 0.23 0.5 0 7.5 0.46 0.41 0.65 2.8 0.19 0.29 0 7.5  0.03 

 0.25    0.34    0.29      

Investor Valuation 0.63 0.23 -3.73 3.38 0.71 0.31 0.58 2.12 0.42 0.2 -3.73 3.38  0.00 

 1.04    2.57    9.2      

 
              

Panel B– IPO characteristics                          

               Overhang                                               3.61 2.75 0.00 70.54 3.91 2.93 0.00 61.32 3.38 2.77 0.00 81.45  0.19 

 

3.12    3.63    3.14      

Venture Capital Backing                                              0.58 0.00 0.00 1.00 0.45 0.00 0.00 1.00 0.50 0.00 0.00 1.00  0.01 

 

0.67    0.59    0.50      

Underwriter Reputation                                     0.62 1.00 0.00 1.00 0.82 1.00 0.00 1.00 0.58 1.00 0.00 1.00  0.00 

 

0.49    0.38    0.49      

NASDAQ Listing 0.66 1.00 0.00 1.00 0.50 0.00 0.00 1.00 0.73 1.00 0.00 1.00  0.02 

 

0.40    0.50    0.45      

Primary Shares                                              0.63 1.00 0.00 1.00 0.59 0.00 0.00 1.00 0.68 1.00 0.00 1.00  0.00 

 

0.47    0.49    0.47      

Log (Net Sales)                                     1.65 0.48 -2.67 5.02 2.66 1.04 0.00 5.02 1.50 1.06 -2.67 4.49  0.00 

 

1.08    0.96    1.01      

Proceeds                                                  148.5 62.05 0.87 11.946 345.79 123.71 9.22 11.946 91.38 61.82 0.81 14.258  0.00 

 

432.28    1.019    .115.42      

Firm Age                                           17.31 9.00 0.00 164.00 25.94 12.00 0.00 164.00 12.59 7.00 0.00 44.00  0.00 

 

24.16    37.02    19.38      

Auditor Repuation 0.51 1.00 0.00 1.00 0.74 1.00 0.00 1.00 0.23 1.00 0.00 1.00  0.00 

 

0.50    0.44    0.20      

               
               
               



Table 3: Correlation matrix 
The table presents pairwise correlations of variables employed in our study. The sample consists of 2,541 US IPOs 

over the period 1997-2014. Panel A, reports correlations of control variables while Panel B, shows correlations for 

variables that influence a firm’s decision to acquire credit ratings. IPO deals are obtained from the Securities Data 

Company (SDC) Database whereas accounting variables are collected from CRSP and Compustat databases. The 

detailed definitions of all estimators used in our analysis are provided in the Appendix. 

  

 Panel A: IPO variables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 

1. Overhang 1          

2. Venture Capital Backing 0.14 1         

3. Proceeds -0.05 -0.09 1        

4. Underwriter Reputation -0.03 -0.03 -0.02 1       

5. Auditor Reputation 0.07 0.06 0.07 -0.17 1      

6. NASDAQ Listing 0.01 0.3 -0.14 0.06 -0.14 1     

7. Age -0.05 0.03 0.03 -0.01 0.07 0.02 1    

8. Revisions 0.1 0.11 0.04 0.02 0.15 -0.01 -0.06 1   

9. Primary Shares 0.06 0.09 -0.05 0.08 -0.18 0.07 -0.15 -0.01 1  

10. Sales -0.06 -0.31 0.26 -0.09 0.25 -0.27 0.31 0.04 -0.35 1 

            

 Panel B: Credit rating  variables (11) (12) (13) (14) (15) (16) (17)    

11. Industry Fraction 1          

12. Tangibility 0.07 1         

13. Shares 0.28 0.05 1        

14. Growth -0.04 -0.01 -0.06 1       

15. Profit 0.06 0.27 0.14 -0.01 1      

16. Leverage -0.01 -0.01 -0.02 0.5 0.03 1     

17. Altman-Z 0.07 0.02 0.01 0.4 0.02 -0.52 1    



Table 4: Determinants of credit rating acquisition by IPO  

The table presents results of the probit regression for the probability of credit rating acquisition on 

a set of credit rating determinants. The sample is composed of 2,541 U.S. IPOs that floated stock 

exchanges from the 1st of January 1997 to the 31th of December 2014. Column 2, reports the 

estimated coefficients and Column 3 the z-Statistics. All variables are defined in the Appendix. 

*,**,***, indicate statistical significance at the 10%, 5% and 1% level respectively. 

  

Instrumental 

Variables 

Coefficients z-Statistic 

INDFRAC 8.84*** 10.53 

   

Tangibility 0.146 0.96 

   

Log(Shares) 0.763*** 5.11 

   

Log(Sales) 0.425*** 3.42 

   

Growth -5.11 -0.12 

   

Profit 0.095*** 4.09 

   

Age 0.082 0.32 

   

Leverage 0.059 0.13 

   

Altman-Z 0.0498** 3.25 

   

   

N  2,541 

Pseudo-R2  0.36 



Table 5: Effect of Individual Credit Ratings on IPO underpricing 
This table presents results of IPO initial returns (dependent variable) on the three largest credit rating agencies and a 

set of control variables for a sample of 2,541 US IPOs over the period 1997-2014. For specifications 1-3, the main 

independent variable is equal to unity if the firm was evaluated by any of the three largest rating agencies (prior to the 

IPO) and zero otherwise. For specifications 4-6, the main independent variable is equal to one if the firm was rated by 

S&P (prior to the IPO) and zero otherwise. For specifications 7-9, the main independent variable is equal to one if the 

firm was rated by Moody’s (prior to the IPO) and zero otherwise. For specifications 10-12, the main independent 

variable is equal to one if the firm was rated by Fitch (prior to the IPO) and zero otherwise. Three estimations are 

used: OLS, Heckman-Treatment Effects and generated instrumental variables. One asterisk denotes significance at the 

10% level, two denote significance at the 5% level and three denote significance at the 1% level.  

 

 
 
 
 
 
 
 

 Any Single Rating Standard & Poor’s Moody’s Fitch 

VARIABLES OLS  Heckman  2SLS OLS Heckman 2SLS OLS Heckman 2SLS OLS Heckman 2SLS 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) 

Intercept -151.2*** -72.23*** -64.04*** -141.9*** -69.02*** -60.45*** -148.9*** -69.8*** -62.07*** -142.3*** -54.46*** -22.95* 

 (22.09) (21.34) (21.42) (24.82) (20.82) (21.04) (24.85) (20.71) (20.97) (24.69) (19.73) (18.1) 

Rating -10.17*** -12.23*** -7.14**          
 (1.52) (1.2) (3.53)          

S&P    -8.47*** -14.21*** -9.64**       
    (1.82) (2.01) (4.33)       

Moody’s       -7.43*** -15.2*** -8.24**    
       (1.41) (2.02) (3.81)    

Fitch          -14.2*** -16.15*** -7.48** 
          (4.79) (5.27) (1.97) 

Ovehang 1.17*** 1.74*** 1.52*** 2.16*** 1.83*** 1.82*** 2.16*** 1.63*** 1.55*** 2.18*** 1.59*** 1.23** 

 (0.65) (0.57) (0.53) (0.64) (0.53) (0.51) (0.64) (0.52) (0.54) (0.65) (0.51) (0.42) 

Vent Capital 19.19*** 17.62*** 17.75*** 22.42*** 17.77*** 17.79*** 22.56*** 17.93*** 17.86*** 22.97*** 18.34*** 16.09*** 

 (2.12) (2.02) (2.08) (2.26) (2.01) (2.05) (2.19) (2.03) (2.07) (2.19) (2.04) (1.67) 

Underwriter 7.38*** 5.9*** 5.84*** 7.29*** 5.77*** 5.91*** 7.18*** 5.59*** 5.87*** 6.87*** 5.41*** 4.29** 

 (2.18) (2.04) (2.06) (2.17) (2.03) (2.06) (2.18) (2.03) (2.06) (2.16) (2.02) (2.02) 

Auditor Rep.  -4.28 -1.41 -1.25 -2.48 -1.45 -1.31 -2.54 -1.58 -1.32 -2.88 -1.71 -1.28 

 (2.69) (2.12) (2.31) (2.458) (2.12) (2.31) (2.49) (2.11) (2.12) (2.61) (2.31) (2.27) 

Exchange 3.42 1.22 1.72 2.52 1.73 1.75 2.14 1.69 1.88 3.02 2.15 1.43 

 (2.22) (1.82) (2.12) (2.22) (1.82) (2.01) (2.11) (2.11) (2.04) (2.22) (1.87) (1.87) 

Prim. Shares 5.89*** 6.07*** 1.11*** 5.58*** 5.91*** 1.11*** 5.51*** 6.03*** 1.11*** 5.34*** 5.55*** 1.25*** 
 (1.74) (1.62) (0.15) (1.73) (1.62) (0.15) (1.73) (1.63) (0.15) (1.74) (1.62) (0.15) 

Revisions 0.69** 1.12*** 5.98*** 0.7** 1.11*** 5.81*** 0.71** 1.11*** 5.76*** 0.69** 1.12*** 4.41*** 

     (0.22) (0.14) (1.65) (0.2) (0.15) (1.63) (0.23) (0.14) (1.63) (0.2) (0.15) (1.58) 

Log Proceeds -8.49*** -1.91 -1.88 -8.27*** -1.91 -1.91 -8.17*** -1.79 -1.77 -7.91*** -2.12* -2.02* 

 (1.38) (1.19) (1.21) (1.37) (1.19) (1.21) (1.36) (1.18) (1.24) (1.39) (1.18) (1.14) 

Log Sales -1.68 -4.36*** -3.58*** -1.78 -4.02*** -3.51*** -1.71 4.06*** -3.48*** -1.94 -3.21*** -1.84* 

 (1.37) (1.17) (1.16) (1.37) (1.15) (1.15) (1.38) (1.14) (1.14) (1.37) (1.08) (1.01) 

Log Age -1.14 -0.35 -0.26 -1.25 -0.23 -0.24 -1.36 -0.21 -0.15 -1.42 -0.018 -0.87 

 (0.91) (0.81) (0.82) (0.91) (0.82) (0.82) (0.915) (0.82) (0.82) (0.92) (0.83) (0.67) 

             
N 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 

Adjusted-R2 0.18 - - 0.17 - - 0.17 - - 0.18 - - 



Table 6: Effect of multiple credit rating acquisition on underpricing 
This table presents results on the effect of parallel credit rating acquisition on the level of initial returns, for a sample 
of 2,541 US IPOs over the period 1997-2014. The econometric methods employed are: OLS, Heckman Treatment 
effects and generated instrumental variables (2SLS) approach. In all three specification models the main 
independent variable of interest is a categorical indicator which takes the value of one if a firms obtains more than 
one credit ratings prior to the year of IPO and zero otherwise. The list of instruments used in models 2 and 3 as well 
as the definition of the control variables are provided in the Appendix. One asterisk denotes significance at the 10% 
level, two denote significance at the 5% level and three denote significance at the 1% level. 

 

 

  

 OLS Heckman 2SLS 

VARIABLES (1) (2) (3) 

Intercept -52.31*** -59.88*** -62.1*** 

 (18.66) (22.03) (21.23) 

{2} or {3} Ratings -6.8*** -10.11 ** -13.54*** 

 (1.89) (2.1) (2.3) 

Overhang 1.85*** 1.62*** 1.55*** 

 (0.51) (0.46) (0.23) 

Venture Capital 15.01*** 15.51*** 16.88*** 

 (1.04) (2.06) (2.14) 

Underwriter 6.73*** 6.55*** 5.89** 

 (1.03) (1.09) (2.84) 

Auditor Rep. -0.51 -0.52 -0.33 

 (0.12) (2.2) (2.11) 

Exchange 1.01 1.61 1.66 

 (0.01) (1.01) (1.12) 

Primary Shares 5.87*** 5.86*** 5.96*** 

 (1.72) (1.5) (2.14) 

Revision 2.14*** 1.12*** 1.11*** 

 (0.16) (0.14) (0.06) 

Log Proceeds 3.21*** 3.39*** 3.42*** 

 (1.2) (1.21) (1.22) 

Log Sales -2.11* -1.71 -1.41 

 (1.09) (1.18) (1.31) 

Log Age 0.11 0.31 0.21 

 (0.71) (0.62) (1.05) 

    

N 2,541 2,541 2,541 

Adjusted-R2 0.29 - - 



Table 7: Do particular combinations of CRAs affect underpricing? 
This table reports empirical output on the impact of various combinations of the three leading CRAs on the level of 

initial returns. Our main independent variable is a dichotomous indicator that assumes the value of one for firms that 

are rated by Standard & Poor’s and Moody’s (specifications 1 and 2), for firms that are rated by Standard & Poor’s 

and Fitch (specifications 3 and 4), for firms that are rated by Moody’s and Fitch (specifications 5 and 6) and for firms 

rated by all three CRAs (specifications 7 and 8). The list of instruments used in the employed models, as well as the 

definition of the control variables are provided in the Appendix. One asterisk denotes significance at the 10% level, 

two denote significance at the 5% level and three denote significance at the 1% level. 

 

 

 

 

 S&P, Moody’s S&P, Fitch Moody’s, Fitch S&P, Moody’s, Fitch 

VARIABLES Heckman IV-2SLS Heckman IV-2SLS Heckman IV-2SLS Heckman IV-2SLS 

 (1) (2) (3) (4) (5) (6) (7) (8) 

Intercept -44.12*** -46.6*** -44.03*** -43.21*** -42.07*** -43.83*** -54.16*** -32.71* 

 (18.41) (19.25) (17.23) (18.85) (18.56) (19.01) (18.61) (19.31) 

S&P Moody’s -11.15*** -11.02***       

 (3.01) (3.04)       

S&P Fitch   -12.21*** -10.22***     

   (3.55) (3.12)     

Moody’s Fitch     -13.27*** -10.78***   

     (3.21) (3.77)   

S&P Moody’s Fitch       -16.12*** -8.76** 

       (3.16) (3.56) 

Overhang 1.52*** 1.41*** 1.51*** 1.38*** 1.52*** 1.55*** 1.63*** 1.38** 
 (0.51) (0.52) (0.56) (0.49) (0.71) (0.62) (0.61) (0.54) 

Venture Capital 16.09*** 15.62*** 16.11*** 15.78*** 16.18*** 15.75*** 16.12*** 13.72*** 

 (2.01) (2.02) (2.01) (2.04) (2.04) (2.01) (2.01) (1.89) 

Underwriter 6.49*** 6.62*** 6.514*** 6.41*** 6.32*** 6.21*** 6.43*** 5.11** 

 (2.01) (2.03) (2.02) (2.01) (2.01) (2.04) (2.02) (2.01) 

Auditor Rep. -0.32 -0.22 -0.45 -0.38 -0.61 -0.23 -0.67 -0.08 

 (2.07) (2.08) (2.07) (2.08) (2.06) (2.08) (2.08) (2.11) 

Exchange 1.93 1.85 2.04 2.03 2.08 2.09 2.04 1.1 
 (2.01) (2.01) (2.01) (1.99) (2.01) (1.99) (1.99) (1.97) 

Revision 1.12*** 1.14*** 1.11*** 1.15*** 1.11*** 1.15*** 1.11*** 1.23*** 

 (0.15) (0.15) (0.14) (0.14) (0.14) (0.14) (0.14) (0.15) 

Primary Shares 5.71*** 5.21*** 5.61*** 5.23*** 5.66*** 5.17*** 5.72*** 4.24*** 

 (1.63) (1.61) (1.63) (1.61) (1.63) (1.61) (1.63) (1.6) 

Log Sales -1.91 -1.56 -2.01* -1.82 -2 * -1.81 -1.98* -1.91* 

 (1.18) (1.18) (1.18) (1.16) (1.18) (1.16) (1.18) (1.16) 

Log Proceeds 3.18*** 3.25*** 3.17*** 3.09*** 3.12*** 3.13*** 3.36*** 1.94* 

 (1.08) (1.12) (1.08) (1.09) (1.07) (1.1) (1.09) (1.01) 

Log Age 0.17 0.55 0.15 0.49 0.13 0.43 0.041 0.85 

 (0.83) (0.65) (0.83) (0.67) (0.84) (0.68) (0.83) (0.67) 

         

         

         

N 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 



Table 8: Credit Rating Levels on IPO pricing 
This table presents empirical output on the effect of credit rating levels on underpricing for a sample of 2,541 US 

IPOs over the period 1997-2014. The main independent variable in all four specifications is credit rating level (CRL). 

Specifications 1-3, examine the impact of CRL on initial returns for individual CRAs and specification 4 collectively 

investigates the relation between CRL and first day performance. The estimation procedure is based on a 2SLS model. 

The list of instruments used, as well as the definition of control variables, is provided in the appendix. One asterisk 

denotes significance at the 10% level, two denote significance at the 5% level and three denote significance at the 1% 

level. 

 

  

 2SLS 2SLS 2SLS 2SLS 

VARIABLES (1) (2) (3) (4) 

Intercept -44.61* -45.83* -38.32 -46.45* 

 (18.02) (18.12) (18.05) (18.42) 

CRL(S&P) -0.59**    

 (0.22)    

CRL(Moody’s)  -0.71**   

  (0.21)   

CRL(Fitch)   -0.32*  

   (0.17)  

CRL(All)    -0.48** 

    (0.23) 

Overhang 1.45** 1.37** 1.31** 1.37** 

 (0.43) (0.54) (0.52) (0.54) 

Venture Capital 13.63*** 13.72*** 13.22*** 13.61*** 

 (1.51) (1.51) (1.49) (1.53) 

Underwriter 5.54** 5.41** 5.51** 5.57** 

 (1.04) (1.03) (1.04) (1.04) 

Auditor Reputation -0.8 -0.82 -0.73 -0.61 

 (2.11) (2.12) (2.12) (2.11) 

Exchange 1.08 0.99 1.52 0.98 

 (1.92) (1.91) (1.91) (1.91) 

Primary Shares 6.31*** 5.38*** 5.31*** 5.41*** 

 (1.27) (1.28) (1.21) (1.28) 

Revision 1.24*** 1.24*** 1.26*** 1.23*** 

 (0.15) (0.15) (0.14) (0.14) 

Log Proceeds 2.13** 2.2** 1.8* 2.23** 

 (1.06) (1.06) (1.01) (1.08) 

Log Sales -1.85 -1.76 -2.08* -1.84 

 (1.17) (1.19) (1.15) (1.16) 

Log Age 1.14* 1.06 1.05 1.25* 

 (0.68) (0.71) (0.75) (0.65) 

     

N 2,541 2,541 2,541 2,541 

Pseudo-R2 0.28 0.27 0.28 0.29 



Table 9: Effect of credit ratings on revisions of the filling price 
This table presents in two panels, the results of the impact credit ratings exert on price revisions for a sample of 2,541 

US IPOs over the period 1997-2014. Panel A reports findings in a setting where single credit ratings and other control 

variables are regressed against revisions. Panel B, consists of specifications which have as main independent variable 

all possible combinations of the three leading US CRAs. To ascertain the robustness of our results each specification 

is run with three estimation procedures: OLS, Heckman treatment effects and IV-2SLS. The list of instruments used 

as well as the definition of the all variables is provided in the Appendix. One asterisk denotes significance at the 10% 

level, two denote significance at the 5% level and three denote significance at the 1% level. 

 

 

 

 

 

Panel A: Effect of single credit rating acquisition on revisions of the filling price. 

 Standard & Poor’s Moody’s Fitch 

VARIABLES OLS Heckman IV-2SLS OLS Heckman IV-2SLS OLS Heckman IV-2SLS 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) 

Intercept -67.48*** -72.12*** -72.44*** -63.47*** -73.71*** -72.72*** -79.54*** -73.12*** -56.49*** 

 (8.12) (7.09) (7.57) (8.28) (8.11) (8.05) (11.25) (8.11) (7.16) 

S&P -4.58*** -10.34*** -5.21**       

 (1.26) (2.2) (3.6)       

Moody’s    -5. 28*** -12.32*** -6.16**    

    (1.06) (2.09) (3.39)    

Fitch       -7.44** -14.19*** -6.17*** 

       (3.4) (4.07) (2.22) 

Overhang 0.55*** 0.56*** 0.55*** 0.55*** 0.54*** 0.57*** 0.57*** 0.48*** 0.38*** 

 (0.12) (0.11) (0.14) (0.11) (0.14) (0.12) (0.12) (0.12) (0.11) 

Venture Cap. 4.81*** 4.82*** 4.83*** 4.81*** 4.84*** 4.66*** 4.11*** 4.09*** 4.98*** 

 (0.77) (0.81) (0.82) (0.73) (0.78) (0.52) (0.73) (0.81) (0.65) 

Underwriter 1.49 1.6 1.68 1.52 1.59 1.6 1.36 1.32 -3.04** 

 (1.36) (1.19) (1.21) (1.36) (1.19) (1.21) (1.37) (1.19) (1.34) 

Auditor Rep. -2.68*** -2.61*** -2.54*** -2.65*** -2.61*** -2.55*** -2.83*** -2.82*** -0.54 

 (0.95) (0.88) (0.9) (0.93) (0.89) (0.9) (0.94) (0.89) (0.9) 

Exchange 0.49 0.12 0.32 0.41 0.06 0.28 0.6 0.49 0.03 

 (0.85) (0.9) (0.91) (0.86) (0.9) (0.92) (0.85) (0.9) (0.8) 

Prim. Shares -0.07 0.15 0.02 -0.07 0.24 -0.01 -0.16 0.03 -2.73*** 

 (0.84) (0.9) (0.91) (0.85) (0.91) (0.91) (0.85) (0.9) (0.81) 

Revision 4.48*** 4.89*** 4.63*** 4.5*** 4.87*** 4.61*** 4.36*** 4.51*** 2.27*** 

 (0.57) (0.51) (0.52) (0.596) (0.51) (0.52) (0.58) (0.5) (0.51) 

Log Proceeds 0.21 0.56 0.3 0.29 0.7 0.39 0.18 0.427 0.64 

 (0.52) (0.56) (0.55) (0.52) (0.5) (0.56) (0.52) (0.56) (0.5) 

Log Sales -1.22*** -1.11** -1.13** -1.23*** -1.12** -1.18*** -1.26*** -1.23*** -1.13*** 

 (0.35) (0.45) (0.45) (0.35) (0.44) (0.45) (0.35) (0.44) (0.34) 

Log Age -1.58 -1.62 -1.66 -1.59 -1.61 -1.71 -1.47 -1.44 -2.08** 

 (1.16) (1.21) (1.32) (1.33) (1.18) (1.29) (1.38) (1.22) (1.29) 

          

N 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 

Adjusted-R2 0.12 - - 0.12 - - 0.11 - - 



 

 

  

Panel B: Effect of multiple credit rating acquisition on revisions of the filling price.  

 Standard & Poor’s-Moody’s Standard & Poor’s-Fitch Moody’s-Fitch  Standard & Poor’s-Moody’s-Fitch  

VARIABLES OLS Heckman IV-2SLS OLS Heckman IV-2SLS OLS Heckman IV-2SLS OLS Heckman IV-2SLS  

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12)  

Intercept -71.52*** -76.48*** -54.62*** -79.66** -76.29*** -52.92*** -80.11*** -87.31*** -52.27*** -83.1*** -81.4*** -39.59***  

 (9.71) (8.31) (8.73) (4.21) (8.18) (8.57) (9.73) (8.12) (8.33) (9.69) (8.26) (8.55)  

S&P, Moody’s -5.59*** -10.97*** -12.01***           

 (1.21) (2.33) (1.77)           

S&P, Fitch    -1.99** -14.12*** -10.14***        

    (0.12) (4.06) (2.88)        

Moody’s Fitch       -4.57** -14.43*** -10.24***     

       (1.58) (4.06) (2.25)     

Triple Rating          -4.62** -14.91*** -9.22***  
          (1.35) (4.42) (2.05)  

Overhang 0.48*** 0.47*** 0.36*** 0.48 0.47*** 0.37*** 0.46*** 0.47*** 0.38*** 0.48*** 0.46*** 0.38***  

 (0.12) (0.11) (0.11) (0.12) (0.12) (0.11) (0.13) (0.12) (0.08) (0.12) (0.11) (0.11)  

Venture Cap. 2.88*** 2.79*** 3.41*** 3.12* 3.85*** 3.66*** 3.02*** 3.83*** 3.48*** 2.05*** 2.85*** 3.56***  
 (0.56) (0.54) (0.57) (0.49) (0.85) (0.81) (0.79) (0.89) (0.84) (0.83) (0.88) (0.76)  

Underwriter 1.52 1.6 -2.08 1.344** 1.49 -2.48* 1.42 1.55 -2.5* 1.4 1.53 -2.59*  

 (1.37) (1.2) (1.37) (0.05) (1.19) (1.36) (1.3) (1.19) (1.35) (1.37) (1.19) (1.35)  

Auditor Rep. -2.7*** -2.63*** 0.01 -2.7 -2.71*** -0.23 -2.72*** -2.65*** -0.2 -2.73*** -2.65*** -0.2  
 (0.93) (0.89) (0.9) (0.58) (0.88) (0.9) (0.9) (0.8) (0.8) (0.94) (0.89) (0.9)  

Exchange 0.48 0.2 -1.2 0.63 0.34 -0.61 0.59 0.35 -0.4 0.6 0.38 -0.4  

 (0.86) (0.9) (0.88) (0.5) (0.89) (0.86) (0.85) (0.89) (0.8) (0.86) (0.89) (0.85)  

Prim.Shares -0.18 0.05 -2.9*** -0.19 0.05 -2.8*** -0.19 0.03 -2.84*** -0.2 -0.01 -2.8***  
 (0.85) (0.9) (0.82) (0.09) (0.9) (0.82) (0.85) (0.9) (0.82) (0.85) (0.9) (0.8)  

Revision 4.4*** 4.7*** 2.56*** 4.33** 4.63*** 2.46*** 4.37*** 4.61*** 2.43*** 4.35*** 4.54*** 2.41***  

 (0.59) (0.5) (0.5) (0.2) (0.51) (0.53) (0.5) (0.5) (0.5) (0.59) (0.5) (0.5)  

Log Proceeds 0.23 0.5 1.04** 0.13 0.43 0.78 0.1 0.41 0.79 0.15 0.4 0.8  

 (0.52) (0.5) (0.5) (0.27) (0.56) (0.58) (0.5) (0.55) (0.51) (0.52) (0.56) (0.56)  

Log Sales -1.26*** -1.17*** -1.07*** -1.31** -1.2*** -1.135*** -1.29*** -1.22*** -1.21*** -1.29*** -1.23*** -1.21***  

 (0.35) (0.4) (0.3) (0.04) (0.44) (0.34) (0.35) (0.46) (0.34) (0.35) (0.46) (0.3)  

Log Age -1.21 -1.18 -1.01 -1.04 -1.33 -1.78 -1.08 -1.44 -1.24 -1.31 -1.43 -1.32  

 (1.37) (1.2) (1.37) (1.05) (1.19) (1.36) (1.9) (1.22) (1.24) (1.03) (1.01) (1.05)  

              

N 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541 2,541  

Adjusted-R2 0.1 - - 0.1 -  0.1 - - 0.1 - -  



Table 10: Investment grade ratings and IPO pricing 
The table reports output on the effect of investment grade ratings on the level of initial returns. Our main independent 

variable is a categorical indicator assuming the value of one for investment grade firms and zero otherwise. In 

specification (1) InvestGrd is regressed against underpricing in matched sample of rated US IPOs. In specification (2), 

we follow the same procedure for our entire sample. To account for endogeneity we employ a Heckman treatment 

effects model. The list of instruments used in models 2 and 3 as well as the definition of the control variables are 

provided in the Appendix. One asterisk denotes significance at the 10% level, two denote significance at the 5% level 

and three denote significance at the 1% level. 

 

 

 

 

 

 

 Matched-Sample Full-Sample  

VARIABLES Heckman Heckman  

 (1) (2)  

Intercept -56.32** -74.43***  

 (10.34) (19.16)  

InvestGrd -3.76** -10.53***  

 (0.68) (3.22)  

Overhang 0.92** 1.78***  

 (0.21) (0.43)  

Venture Capital 14.8*** 15.87***  

 (1.02) (1.71)  

Underwriter -1.45 5.71***  

 (6.04) (1.1)  

Auditor Reputation 1.7 -0.63  

 (2.9) (2.11)  

Exchange 9.12 1.88  

 (3.95) (1.9)  

Log Sales 0.24 -1.97*  

 (2.25) (1.14)  

Primary Shares 3.62 5.4***  

 (4.39) (1.6)  

Revisions 0.4 1.15***  

 (0.25) (0.14)  

Log Proceeds 2.74** 3.54***  

 (0.73) (1.17)  

Log Age -1.05 0.59  

 (0.87) (0.62)  

    

N 252 2,541  

Pseudo-R2 0.39 0.41  



Table 11: Effect of multiple credit ratings on Tobin’s Q 
The table reports results on the effect of all possible CRA combinations on Tobin’s Q for a sample of 2,541 US IPOs 

over the period 1997-2014. The econometric methods employed are: OLS and generated instrumental variables 

(2SLS) approach. The list of instruments used as well as the definition of the control variables is provided in the 

Appendix. One asterisk denotes significance at the 10% level, two denote significance at the 5% level and three 

denote significance at the 1% level. 

 

 

 

 

 

 

 

 

 Tobin’s Q  

S&P, Moody’s 

Tobin’s Q  

S&P, Fitch 

Tobin’s Q 

Moody’s, Fitch 

Tobin’s Q 

S&P, Moody’s, Fitch 

VARIABLES OLS IV-2SLS OLS IV-2SLS OLS IV-2SLS OLS IV-2SLS 

 (1) (2) (3) (4) (5) (6) (7) (8) 

Intercept 9.24  -4.78  -2.34  -7.12 -6.86 

 (2.13)  (2.99)  (2.11)  (2.86) (1.23) 

S&P, Moody’s 5.08*** 5.32***       

 (2.2) (2.8)       

S&P, Fitch   4.71*** 7.53***     

   (1.8) (2.4)     

Moody’s, Fitch     4.72*** 6.75***   

     (1.6) (2.1)   

S&P, Moody’s, Fitch       4.54*** 6.95*** 

       (0.72) (2.11) 

Overhang -0.81 1.07** -0.85 1.06** -0.82 0.97* -0.91 0.92* 

 (1.77) (0.45) (1.15) (0.43) (1.62) (0.54) (1.66) (0.52) 

Venture Capital -2.43* -5.68** -4.91* -5.81** -3.84* -5.44** -3.82* -4.03* 

 (2.03) (2.09) (2.06) (2.02) (2.87) (2.03) (2.12) (2.74) 

Underwriter -5.51 -2.17 -5.56 -4.31 -5.67 -4.22 -5.4 -3.03 

 (1.04) (1.73) (4.9) (5.12) (2.9) (5.2) (1.9) (0.06) 

Auditor Reput. 5.91 3.94 5.67 3.16 5.91 2.5 5.77 3.07 

 (1.7) (0.93) (1.73) (0.4) (1.7) (1.6) (1.74) (4.5) 

Exchange -1.11 -3.96 -1.83 -3.72 -2.06 -3.74 -2.1 -4.33 

 (1.08) (0.53) (1.05) (0.01) (1.2) (1.01) (1.9) (5.9) 

Revisions 0.02 -0.04 -0.01 -0.07 -0.01 -0.04 -0.01 -0.05 

 (0.12) (0.06) (0.11) (0.06) (0.12) (0.06) (0.12) (0.06) 

Primary Shares 6.14 0.55 6.13 0.47 6.27 0.74 6.3 0.74 

 (4.91) (1.63) (4.93) (1.75) (4.94) (1.76) (4.95) (1.76) 

Log Sales -2.91*** -1.72*** -2.12*** -1.4*** -2.18*** -1.38*** -2.17*** -1.27*** 

 (2.09) (1.54) (6.71) (0.32) (1.33) (1.35) (1.07) (1.03) 

Log Proceeds 7.99 5.89*** 8.73 5.97*** 8.66 6.1*** 8.9 6.24*** 

 (1.86) (2.17) (1.91) (0.28) (0.9) (1.25) (0.93) (1.28) 

Log Age -1.39 0.62 -1.28 -0.29 -1.18 0.05 -1.12 0.29 

 (11.52) (1.01) (11.54) (1.18) (11.51) (1.21) (11.50) (1.2) 

         

N 2,541  2,541  2,541  2,541 2,541 

Adjusted-R2 0.12 - 0.12 - 0.12 - 0.12 - 



Table 12: Impact of CRA combinations on investor valuations 
The table reports results on the effect of all possible CRA combinations on investor valuation for a sample of 1,533 

US IPOs over the period 2000-2013. The econometric method employed is Heckman treatment effects model. The list 

of instruments used as well as the definition of the control variables is provided in the Appendix. One asterisk denotes 

significance at the 10% level, two denote significance at the 5% level and three denote significance at the 1% level. 

 

 S&P, MDY S&P,Fitch MDY, Fitch S&P, MDY, Fitch 

VARIABLES Heckman Heckman Heckman Heckman 

 (1) (2) (3) (4) 

Intercept -18.45 -22.87 -18.19 -25.18 

 (11.59) (11.15) (4.11) (12.48) 

S&P, Moody’s 4.46***    

 (1.51)    

S&P, Fitch  5.62***   

  (2.32)   

Moody’s, Fitch   7.82***  

   (1.23)  

S&P, MDY, Fitch    8.56*** 

    (2.55) 

Overhang -0.05 -0.07 -0.15 -0.16 

 (0.16) (0.11) (0.16) (0.14) 

Venture Capital -0.47 -0.38 -0.13 -0.21 

 (0.73) (0.86) (0.82) (1.09) 

Underwriter -1.4 -1.5 -1.88 -1.45 

 (1.5) (1.6) (1.62) (1.62) 

Auditor Reputation -0.41 -1.04 -1.32 -1.27 

 (1.05) (1.09) (1.09) (1.1) 

Exchange 0.82 1.02 0.7 0.66 

 (1.27) (1.37) (1.28) (1.34) 

Revisions 0.01 -0.01 0.01 0.01 

 (0.04) (0.04) (0.04) (0.04) 

Primary Shares 3.62 * 3.27 3.73* 3.41* 

 (2.03) (1.5) (2.02) (2.04) 

Log Sales 0.29 0.6 0.73 0.58 

 (0.6) (0.73) (0.72) (0.73) 

Log Proceeds 0.96 1.25 0.8 1.37 

 (1.2) (1.8) (1.82) (1.79) 

Log Age 0.16 -0.17 -0.02 0.01 

 (0.51) (0.59) (0.52) (0.56) 

     

N 2,541 2,541 2,541 2,541 

Adjusted-R2 0.11 0.11 0.12 0.11 


